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LAMPIRAN

Lampiran 1. Data Penelitian

Kab/Kota y X1 X X3 Xy Xs
Selayar 4,685 108 82,2 2.039 1.908 790
Bulukumba 7,586 318 95,6 6.808 6.855 3.346
Bantaeng 2,064 189 93,7 2.443 3.386 2.745
Jeneponto 6,524 265 82,2 7.802 6.916 4.245
Takalar 4,500 217 94,4 5.778 5.834 5.687
Gowa 4,790 332 91,5 12.553 12.484 1.998
Sinjai 20,510 382 95,2 4.086 4.109 1.433
Maros 3,237 282 94,7 6.826 6.803 4.340
Pangkep 8,935 266 85,8 5.566 5.291 3.566
Barru 4,266 216 99,5 2.904 3.083 2.451
Bone 4,148 410 95,9 12.748 13.018 4.495
Soppeng 11,828 233 99,9 2.769 2.811 2.045
Wajo 5,224 410 90,7 5.794 5.572 4.345
Sidrap 4,403 306 95,8 5.343 5.505 4.252
Pinrang 4,154 475 93,4 8.971 6.726 5.223
Enrekang 12,096 174 92,7 2.857 3.328 1.325
Luwu 8,259 248 91,2 6.850 6.721 3.410
Tana Toraja 5,144 98 79,7 3.315 3.287 1.385
Luwu Utara 7,998 241 98,6 5.175 4.877 3.097
Luwu Timur 9,561 291 97,0 5.435 5.447 5.928
Toraja Utara 1,440 150 93,5 4.671 4.170 3.402
Makassar 2,362 729 89,9 25.198 27.090 23.740
Pare-Pare 7,235 196 79,8 2.880 2.615 864
Palopo 4,003 166 95,4 3.099 3.002 2.083

Optimized using
trial version
www.balesio.com




45

Lampiran 2. Deteksi Multikolinearitas

# Menghitung VIF
vif_values <- vif(beta.ols)
# Membuat data frame untuk output
Nila_VIF <- data.frame(
variabel = names(vif_values),
VIF = vif_values

# Mengubah nama baris menjadi angka berturut-turut
rownames(Nila_VIF) <- l:nrow(output_df)

# Menampilkan hasil

print(Nila_VIF)

VVVV+++VVVYyV

variabel VIF

1 x1 5.100762
2 x2 1.208592
3 x3 87.164891
4 x4 85.913912
5 x5 5.145326
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Lampiran 3. Deteksi Heterokedastisitas

> bptest(beta.ols)
studentized Breusch-Pagan test

data: beta.ols
BP = 15.982, df = 5, p-value = 0.006895
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Lampiran 4. Hasil nilai DFFITS

47

Data ke- |DFFITS]| Keterangan
1 0.18124 Tidak outlier
2 0.01449 Tidak outlier
3 1.09793 outlier
4 0.43996 Tidak outlier
5 0.09172 Tidak outlier
6 0.20551 Tidak outlier
7 2.41873 outlier
8 0.17497 Tidak outlier
9 0.20018 Tidak outlier
10 0.37105 Tidak outlier
11 0.60072 Tidak outlier
12 0.45470 Tidak outlier
13 1.17881 outlier
14 0.30242 Tidak outlier
15 1.67078 outlier
16 0.46662 Tidak outlier
17 0.21558 Tidak outlier
18 0.08203 Tidak outlier
19 0.27512 Tidak outlier
20 0.39314 Tidak outlier
21 0.19171 Tidak outlier
22 4.08700 outlier
23 0.18773 Tidak outlier
24 0.15268 Tidak outlier

Optimized using
trial version
www.balesio.com




48

Lampiran 5. Hasil Transformasi Data
Y X, X, X X, X
—0,0895 —0,2639 —0,3448 —0,1814 -0,1752  -0,1506
0,0571 0,0597 0,1261 0,0202 0,0228 —0,0310
—0,2219 —0,1391 0,0593 —0,1643 —-0,1160  —0,0591
0,0034 —0,0220 —0,3448 0,0623 0,0253 0,0111
—0,0989 —0,0959 0,0839 —0,0233 —0,0181 0,0786
—0,0842 0,0813 —0,0180 0,2631 0,2482 —0,0941
0,7101 0,1583 0,1120 —0,0949 —0,0871 —0,1205
—0,1627 0,0042 0,0944 0,0210 0,0207 0,0155
0,1252 —0,0204 —0,2183 —0,0323 —0,0398 —0,0207
—0,1106 —0,0975 0,2631 —0,1448 -0,1282 —0,0729
—0,1166 0,2015 0,1366 0,2714 0,2695 0,0228
0,2714 —0,0713 0,2772 —0,1506 —-0,1391 —-0,0919
—0,0623 0,2015 —0,0461 —0,0226 —0,0285 0,0158
—0,1038 0,0412 0,1331 —0,0417 —0,0312 0,0114
—0,1163 0,3016 0,0488 0,1117 0,0177 0,0569
0,2849 —0,1622 0,0242 —0,1468 -0,1184 —0,1256
0,0911 —0,0482 —0,0285 0,0220 0,0175 —0,0280
—0,0663 —0,2793 —0,4326 —0,1275 -0,1200 —0,1227
0,0779 —0,0589 0,2315 —0,0488 —0,0564 —0,0426
0,1568 0,0181 0,1753 —0,0378 —0,0335 0,0898
—0,2534 —0,1992 0,0523 —0,0701 —0,0847 —0,0284
—0,2069 0,6930 —0,0742 0,7978 0,8328 0,9234
0,0394 —0,1283 —0,4291 —0,1459 -0,1469 —0,1471
—0,1240 —0,1745 0,1190 —0,1366 —0,1314 —0,0901
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Lampiran 6. Matriks V
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Lampiran 7. Matriks T
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Lampiran 8. Nilai Variabel Y* dan X*

51

y* X; X; X; X; X;
~1,4616 —4,3094 —56310  —2,9629  -2,8614  —2,4594
6,1796 6,4659 13,6510  2,1906 2,4713 —3,3553
—0,6861 —0,4299 01833  —0,5080  —0,3587  —0,1827
0,0261 —0,1683 —2,6436  0,4773 0,1937 0,0850
—2,5890 —2,5121 21972  —0,6108  —0,4727 2,0576
—3,5907 3,4666 -0,7681 11,2233 10,5837 —4,0118
1,8410 0,4105 02904  —0,2459  —0,2258  —0,3124
—1,2192 0,0318 0,7077 0,1573 0,1554 0,1164
1,1461 —0,1868 —-1,9976  —0,2955  —0,3641  —0,1893
—0,6968 —0,6138 1,6569  —09122  —0,8072  —0,4589
—0,9220 1,5925 1,0798 2,1453 2,1305 0,1801
1,4149 —0,3715 1,4448  —0,7848  —0,7249  —0,4789
-0,2198 0,7111 —0,1628  —0,0799  —0,1007 0,0556
—0,5689 0,2260 07298  —0,2287  —0,1712 0,0626
-1,0210 2,6478 0,4280 0,9804 0,1550 0,4991
1,2801 —0,7286 0,085  —0,6597  —0,55318  —0,5641
0,6074 —0,3210 —0,1903  0,1467 0,1164 —0,1866
—3,0981 —13,0466  —20,2108 —59546  —56062  —57342
0,6238 —0,4719 1,8532  —0,3909  —0,4512  —0,3414
0,8949 0,1033 09999  —0,2158  —0,1914 0,5126
—4,4993 —3,5355 09279  —1,2450  —1,5029  —0,5035
—4,1541 13,9155 —1,4905 16,0204 16,7234 18,5410
0,8045 —2,6218 —8,7707  —2,9812  —3,0026  —3,0071
—1,5807 —2,2249 15177  —1,7417  —1,6756  —1,1486
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Lampiran 9. Nilai Variabel Ortogonal
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Zy Z; Z3 Zy Zs
—8,0349 —-2,9374 -0,3076 0,0669 0,0830
9,4139 12,1298 —3,6613 0,9926 0,4205
-0,6316 0,4147 0,1700 -0,1691 0,1014
—0,7350 —2,5234 —0,3251 0,4868 -0,1978
—0,1949 1,4099 2,1541 —3,0499 —0,0293
10,2956 —5,0987 —11,5458 —1,1650 —0,1416
—0,0212 0,5038 —0,0537 0,4515 0,0297
0,4758 0,5010 0,0154 —0,2945 —0,0052
—1,2345 —1,5224 —0,0164 0,6614 —0,0432
-0,6787 1,9983 0,3238 —0,5022 0,0708
3,3202 —0,1448 —1,3515 —0,0617 0,0252
—0,5425 1,7812 0,2257 —0,2763 0,0449
0,2401 —0,0562 0,1346 0,6877 —0,0063
0,2263 0,7426 0,2499 0,0509 0,0384
2,2497 0,1230 0,0946 1,7416 —0,5568
-1,1121 0,5276 —0,0441 —0,2293 0,0948
—0,1834 —0,2057 —0,2793 —0,2344 -0,0177
—21,9939 —13,7973 —1,9417 —0,7254 0,2499
-0,0719 1,9098 0,1018 —0,6819 —0,0446
0,4324 0,8379 0,6390 —0,2429 —0,0046
—2,9622 1,4356 0,5162 —2,5034 —0,2325
29,1466 —14,5823 3,7068 —0,1596 0,1609
—8,6352 —5,3437 —0,7985 2,6425 0,0488
—2,6264 2,4183 0,3147 —1,2519 0,0370

Optimized using
trial version
www.balesio.com




Lampiran 10. Nilai Residual Penduga Awal GLS
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e; Nilai

e, -1,137
e, —0,059
e -1,071
ey 1,074
es 0,437

I —0,001
e; 1,075

eg -1,013
ey 1,035

e -1,039
€11 -0,873
€12 1,004
e3 -0,926
€14 —1,005
es —0,505
€16 0,955

ey7 1,000
e 0,337
19 1,016
€20 0,938
€1 —1,200
€5 —0,264
€3 -0,847
€24 -1,097

Optimized using
trial version
www.balesio.com




Lampiran 11. Nilai Residual S-Estimator
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e; Nilai
e 1,159
e, 0,049
es ~1,146
e, 1,268
es —0,364
e -0,018
e, 1,177
eq —1,089
eo 1,221
€10 -1,215
ey —0,854
e 0,895
e1s —0,750
e1s -1,010
ers 0,063
€16 0,862
e 0,949
e1s 0,130
e1o 0,826
€20 0,864
e —1,830
€y 0,058
€3 -0,181
€4 1,476

Optimized using
trial version
www.balesio.com




Lampiran 12. lterasi S-Estimator
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. Parameter
Iterasi — — = = =
ay a as Ay Qs
S—estimator —0.0183 0.2988 0.0205 0.8393 4.5681
1 —0.0111 0.2866 0.0129 1.0661 4.3536
2 —0.0109 0.2857 0.0122 1.0817 4.3732
3 —0.0109 0.2856 0.0122 1.0829 4.3751
4 —0,0109 0,2856 0,0122 1,0830 4,3753
5 —-0,0109 0,2856 0,0122 1,0831 4,3753
6 —0.0109 0.2856 0.0122 1.0831 4.3753
7 —-0.0109 0.2856 0.0122 1.0831 4.3753

Optimized using
trial version
www.balesio.com




