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Lampiran 1. Dataset
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2042

created_at id_str
Thu Mar 30 07:55:2¢ +0000 2023| 1841342387051081248

SatMar 25 04:42:11 <0000 2023 | 1630487820170682350

Fri Sep 24 12:42:26 +0000 2021  1441332516638585087
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full_text

Soal Konflik PTEN XIV, Bupati Waje: Ini Bisa Selesai jka Tak
Ada Kepentingan https:/it.colcWrQV25F2d

Alhamdulilizh kia baru s3ja menyaksikan penandatanganan
duza Not K yaitu

konflik peng & yarak pada aset PTFN
XV dalam rangka k

3d3 di Kabupatzn Wajo dan |m pun mendapatkan dukungan
dan https:/it.co/YyPPOY1ecV’

Dalam aksi yang dilskukan di ATR BFN Sulawesi Selatan
menyasar isu perampasan ruangan hidup yang teqadi di
Bulukumba, Takalar, Wajo dan Luwu Timur. Pinsk ATR BPN
Sulawesi Selatan memiliki peran dalam penyelessian konfik
I3han, namun sampai 533t i konfik masih terus teradi.
hitps:/it.col2VWQSHSxyW

Sekretars MO KARMI Wajo Minta Raihan Ariatama
Selesaikan Konflik Intemal PE EMI nttos:/t.coleYDKATCoHD
Transparan, Warga Wajo Bisa Cek Langsung Datz Penerima
BLT Guna Hindari Konflik https://t.col JGN4OBPLXF

Total penguasaan FTPN XIV seluas 8481275 ha di

Selatan g konflik di 10 1.
Di Ei 0. Takalar, Gows, Wajo,
S»drap Soppeng Bone, Luwu Tmur Luwu Utara dan
Sumber: @KpaS: https:/it co/AgcBNYTEPC

Sosizlizasi Pencegahan Konflik, BPN Wajo Minta Femds
Filin Aparat Memiiki Integritas Sadar Hukum
hitps:/t.co'WVdOxKAMV https:/it.colSocTZFQVM

Di Lokasi TMMD, Dandm 1408 Wajo Ingatkan Warga Hindari
Konflik: Jusriadi mengatakan... hitps://t.co'r5q2019HW1
Rawan Terjadi Konflik, Massa Kandidat di Wajo Akan
Dibatasi Saat Pendsftaran di KPU httpsi/it.co/gVbTzp2MB
hitps:/it.co/GWUGLTIs5S

DPT Rawan Konfik, Ketua Panwaslu Wajo: Orang Mati
Dihidupkan hetps:/t.co/eyemHFPXWO

Folisi Antisipasi Konflik di Fikades Wajo

=EtopPelangy:
usiaan... https:/t.co’3GwLnZWuir

IntukiKeman

Polisi Antisipasi Konflik di Fikades Wajo
https://t.co/OPfeCYf0tn

Polisi Antisipasi Konﬂik di Pikades Wajo

#StopPelangg Jntukki
usiaan https:t. coBxkXuY2kZF

Filbug Wajo Rentan Ficu Konfik Sesial -
hitps:/t.co/DuHgsZanW https:/it.coTBrv5Jbk0G
Pengumpulan dats dasrah rawan konfik pd 5 Kabupaten
{Maros, Pangkep, Barru, Wajo, Soppeng)

konfik Ishan saat ini teradi warga Kec. Keera, Wajo, Sulse!
p3d3 tanah seluas 1830 Ha hitp:/t.co/rSEgLEzQ=A

3d3 konflik 3p3 dgn kab.Wajo. yg skrang ini marak dgn
kerusuhan hingga smua fasilitas umum u/ masyarakat seolah
ingin dimusnahkan....,.,

Pilkada wajo rawan konfik @S8Yudhoyono

Pagi ini difasilitasi Polda Sulsel, petani Wsjo akan
dipertemukan dengan PTEN XIV, terkait konflik Iahan cc.
@iqbal_Meta @buttulzjolajo

Rawan Konflik, Polres Lease Harus Dicentuk
hitp:/it.col/oidBNSTV

Selesaikan Konflik. Tengko Gunakan Pendskatan Adat
hitp//t.co/gEWATTEN

B3binsa Koram 1408-C ging (Serka Mahyudi
melaksanakan komsos dengan siswa SMF mamberikan
himbauan agar tidak terlibat tawuran dan perkelshian antar
siswa di Desa Salobulo Kec. Sajeanging Kab. Wajo, Jumat
(21/07/2023). https:/t.co/i2GnDpfqol

Astaghfirulioh arogan bangett. takutiah Yang Mahz Adil
maha melihat
Hasi revolusi mental..

Nantkan ajash

Tolong ini jangan damai... gs terus

Ujungnya bisa ketsbak O ikan secars k

Lapor Polisi.. Pasal y
mihts maaf bagi manusia2 Bangsat
Apa kurang 3;3r tutur kata bapak ity ? Terus dikatakan tdak
ingin kurang ajar tapi bpk sudah naik pitam dan emosi bpk
tdak Iabil 3pa krna bpk punya j3batan? Dan apakah anak
3nggota dprd tu merasa bangga dng prilskunys kepada
tukang parkir itu miris 2tikanys gak ada

Virakan 3j3,. duit dan kuasa memang punya dia,, moral
jeblok..

Nasib rakyat kecd selalu jadi korban

Jon kasi

Tandain wajzh bapsknys @
g pake dinas pdn bekingnya ya @
Damai https:/it.co/801bUuJZoN

L3g panas’ dimana-manz.”
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Lampiran 2. Source Code Pre-processing

#Cleaning Data
def preprocess (full text):

full text = re.sub(r' https9 //\S+', "', full text)

full text = re.sub(r'@[A-Za-z0-9 ]+', ' ', str(full text))
full text = re.sub(r'#[A-Za-z0-9 ]+', ' ', str(full text))
full text = re.sub('["a-zA-Z0-9]+\s*', ' ', str(full text))
full text = re.sub(r'[0-9]+ "', str(full text))

full text = re.sub(r'\s+[a-zA-Z]\s+', ' ', str(full text))
full text = re.sub(r" (.)\I\1+", r"\I\1", str(full text))
full text = re.sub(r"\b \w)\1{1,2}\b", " ', str(full text))
full text = re.sub(r'\s\s+', ' ', full text)

full text = full text.strip()
return full text

df['cleaning']=df['full text'].apply(lambda x: preprocess (x))
df

#Casefolding
df['case folding'] = df['cleaning'].astype(str).str.lower ()
df

#Mengahapus duplicate data untuk kolom "Case Folding"
df .drop duplicates('case folding', inplace=True)
daf

#Tokenization

def tokenization(case folding):
case folding = re.split ('\W+', case folding)
return case folding

df ['tokenize']=df['case folding'].apply(lambda x:
tokenization (x))

df

#Normalization

normalized word = pd.read csv("/content/drive/MyDrive/1.
SKRIPSI - YANUARSYAH FITRAH INDRA/PREPROCESSING/kamus-
normalisasi.txt", encoding='latinl")

normalized word dict = {}

for index, row in normalized word.iterrows():
if row[0] not in normalized word dict:

normalized word dict[row[0]] = row[1l]
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def normalized text (tokenize):

# nltk.word tokenize (document)

tokenize = [normalized word dict[term] if term in
normalized word dict else term for term in tokenize]

return tokenize

df['normalize']=df['tokenize'].apply(normalized text)
daf

#Stopwording
stopword =
nltk.corpus.stopwords.words ('indonesian', 'english')

more stop list = ['gt', 'using', 'app', 'berita', 'article',
'read', 'source', 'via', 'klik', 'online', 'fajar', 'co',
'cont', 'tvone', 'sul', 'rt', 'cc', 'tribun', 'timur', 'tv',
'bonepos', 'fuach', 'breaking', 'news', 'tuitmakassar',
'inews', 'respectwajo', 'bui', 'indotimnews', 'tribunwaj',
'dihu', 'llike', 'link', '1lt', 'elganggafm', 'iposnews',
'tribuntimur', 'aka', 'kompas', 'newline', 'sunyalangu',

'ro', 'pe', 'ol', 'kompasnews', 'detikcom', 'autotweet',
'portal', 'nget']

stoplist = stopword + more stop list

def stopwords (normalize) :

normalize = [word for word in normalize if word not in
stoplist]

return normalize

df['stopword'] = df['normalize'].apply(lambda x:
stopwords (x))
df

#Stemming
from sklearn.pipeline import Pipeline
from Sastrawi.Stemmer.StemmerFactory import StemmerFactory

def stemming (stopword) :
#Membuat objek stemmer
factory = StemmerFactory ()

stemmer factory.create stemmer ()

#Looping setiap data
for w in stopword:

dt = stemmer.stem(w)
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df
df

do.append (dt)

d clean=[]

d clean=" ".join(do)
print (d_clean)
return d clean

['stem'] = df['stopword'].apply (stemming)
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Lampiran 3. Source Code Scratch Modified Balanced Random Forest.

import pandas as pd

import numpy as np

import seaborn as sns

import matplotlib.pyplot as plt

import warnings
warnings.filterwarnings ("ignore")

#Menghubungkan Google Drive
from google.colab import drive
drive.mount ('/content/drive")

data prep stem = pd.read csv('/content/drive/MyDrive/1.
SKRIPSI - YANUARSYAH FITRAH INDRA/Hasil-PSO [VERSI LABEL
KONFLIK]-BRF-Iter50-n estil50-rand stated42-accur89.csv')
data prep stem

X
Yy

data prep stem.iloc[:,1:-1]

data prep stem.iloc[:,-1]
from sklearn.model selection import train test split

# Membagi data menjadi data latih dan data uji
X train, X test, y train, y test = train test split (X, vy,
test size=0.2, random state=42)

import numpy as np

from sklearn.tree import DecisionTreeClassifier

from sklearn.base import BaseEstimator, ClassifierMixin
from sklearn.utils.validation import check X y, check array,
check is fitted

from sklearn.utils import resample

from sklearn.metrics import accuracy score, precision score,
recall score, fl score, confusion matrix

class BalancedRandomForestClassifier (BaseEstimator,
ClassifierMixin) :
def init (self, n estimators=110, max depth=None,
min samples split=7, min samples leaf=1,
max features='auto'):
self.n estimators = n _estimators
self.max depth = max depth
self.min samples split = min samples split
self.min samples leaf = min samples leaf
self.max features = max features
self.estimators = []

self.features indices = []
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def fit(self, X, vy):
X, y = check X y(X, y)
self.classes , y = np.unique(y, return inverse=True)

# Menentukan Jjumlah sampel untuk setiap kelas
mayoritas
n_samples majority = np.max(np.bincount (y))

# Melatih setiap estimator dalam ensemble
for in range(self.n estimators):
dt = DecisionTreeClassifier

max depth=self.max depth,
min samples split=self.min samples split,
min samples leaf=self.min samples leaf,
max features=self.max features,
random state=np.random.randint (0, 100000)

# Oversampling pada setiap iterasi

X resampled = np.concatenate ([resample (X[y == c],
replace=True, n_samples=n_ samples majority,
random_ state=np.random.randint (0, 100000)) for c in
np.unique (y) 1)

y _resampled =
np.concatenate ([np.full (n _samples majority, c) for c in
np.unique (y) 1)

# Melatih DecisionTreeClassifier
dt.fit (X resampled, y resampled)
self.estimators .append (dt)
self.features indices .append(dt.tree .feature)

return self
def predict(self, X):

check is fitted(self)
X = check array (X)

predictions = np.array([estimator.predict (X) for
estimator in self.estimators ]).T
y_pred = []

for sample preds in predictions:
counts = np.bincount (sample preds,
minlength=len (self.classes ))
y_pred.append (np.argmax (counts))

return self.classes [y pred]
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def score(self, X, y):
return accuracy score(y, self.predict (X))

def evaluate(self, X, y):
y _pred = self.predict (X)
precision = precision score(y, y_pred,

average='macro')

recall = recall score(y, y pred, average='macro')

fl1 = fl1 score(y, y pred, average='macro')

label = ['kekerasan',6 'agraria', 'politik',
'pendapat']

cm = confusion matrix(y, y pred, labels=[1,2,3,4])
cm df = pd.DataFrame (cm,

index = label,

columns = label)
print ("Confusion Matrix:")

#Plotting the confusion matrix

plt.figure(figsize=(5,4))

sns.heatmap (cm_df, annot=True, cmap='Blues',
linecolor="'white', linewidths=0.5, fmt='d')

plt.title('Confusion Matrix')

plt.ylabel ("Actal Values')

plt.xlabel ('Predicted Values')

plt.show ()

return precision, recall, fl

# Inisialisasi dan melatih model
model = BalancedRandomForestClassifier ()
model.fit (X train, y train)

# Melakukan prediksi
predictions = model.predict (X test)

# Melakukan evaluasi model

precision, recall, fl = model.evaluate(X test, y test)
accuracy = model.score (X test, y test)

print ("Akurasi:", accuracy)

print ("Precision:", precision)

print ("Recall:", recall)

print ("F1 Score:", f1)




