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Data Set Setelah Preprocessing 
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Data Set Hasil Sistem 
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SOURCE CODE & PROCESS 
(Berdasarkan blog diagram pada halaman 35) 

 

 
1. CRAWLING DATA 

Data diambil dari berbagai media sosial seperti twitter, instagram, facebook 

dan berita di youtube. Adapun data dari Facebook, Instagram, Youtube kami ambil 

dari situs www.exportcomments.com dan berikut ini adalah source code untuk 

mengambil data dari twitter : 

 

import tweepy,sys,jsonpickle  

 

 

consumer_key = 'PEJ97NNDjxBBZuoRpo0kcni5m'         #silahkan isi sesuai akun 

twitter developer kalian 

consumer_secret = 

'w7C7OKtE47yZTf7ZnPeotkAVLUw2BFb1OTiy00NIOq9QnHC1TQ'      

#silahkan isi sesuai akun twitter developer kalian 

print("#===============================================#") 

print("CRAWLING METHOD") 

print("\t Alya Rohalia") 

print("\t D082192002") 

print("#===============================================#") 

 

# qry='peternakan' 

qry ='peternakan OR "perikanan"'  

maxTweets = 5000# Isi sembarang nilai sesuai kebutuhan anda 

tweetsPerQry = 100 # Jangan isi lebih dari 100, tidak boleh oleh Twitter 

fName='crawling_peternakan.json' # Nama File hasil Crawling 

#fName='Hasil_perpusnas.json' # Nama File hasil Crawling 12 

auth = tweepy.AppAuthHandler(consumer_key,consumer_secret) 

api = tweepy.API(auth, wait_on_rate_limit=True,wait_on_rate_limit_notify 

=True) 

if (not api): 

 sys.exit('Autentikasi gagal, mohon cek "Consumer Key" & "Consumer 

Secret" Twitter anda') 

sinceId=None;max_id=-1;tweetCount=0 

print("Mulai mengunduh maksimum {0} tweets" .format(maxTweets)) 

with open(fName,'w') as f: 

        while tweetCount < maxTweets: 

                try: 

                        if (max_id <= 0): 

                                if (not sinceId): 

                                        new_tweets=api.search(q=qry,count=tweetsPerQry) 

http://www.exportcomments.com/
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                                else: 

                                        

new_tweets=api.search(q=qry,count=tweetsPerQry,since_id=sinceId) 

                        else: 

                                if (not sinceId): 

                                        

new_tweets=api.search(q=qry,count=tweetsPerQry,max_id=str(max_id - 1 

                                        )) 

                                else: 

                                        

new_tweets=api.search(q=qry,count=tweetsPerQry,max_id=str(max_id - 1 

                                        ),since_id=sinceId) 

                        if not new_tweets: 

                                print('Tidak ada lagi Tweet ditemukan dengan Query="{0}"' 

.format(qry)); 

                                break 

                        for tweet in new_tweets: 

                                f.write(jsonpickle.encode(tweet._json,unpicklable=False)+'\n') 

                        tweetCount+=len(new_tweets) 

                        sys.stdout.write("\r");sys.stdout.write("Jumlah Tweets telah 

tersimpan: %.0f" %tweetCount);sys.stdout.flush() 

                        max_id=new_tweets[-1].id 

                except tweepy.TweepError as e: 

                        print("some error : " + str(e));break # Aya error, keluar 

        print ('\nSelesai! {0} tweets tersimpan di "{1}"' .format(tweetCount,fName)) 
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2. LABELLING DATA 

Data yang sudah di crawling/ yang telah diambil dari berbagai media 

sosial kita beri label seperti dibawah ini dan kita simpan dalam format .csv : 

 

 
 

 

3. PRE PROCESSING NLP 
 

Hapus link dan mention 

hapus tanda baca 

Tokenization - Converting a sentence into list of words 

Remove stopwords 

Lammetization/stemming - Tranforming any form of a word to its root word 

 

#hapus link dan mention 

def cleaner(tweet): 

    tweet = re.sub("@[A-Za-z0-9]+","",tweet) #Remove @ sign 

    tweet = re.sub(r"(?:\@|http?\://|https?\://|www)\S+", "", 

tweet) #Remove http links 

    tweet = " ".join(tweet.split()) 

    #tweet = ''.join(c for c in tweet if c not in 

emoji.UNICODE_EMOJI) #Remove Emojis. untuk ini butuh package 

emoji 

    tweet = tweet.replace("#", "").replace("_", " ") #Remove 

hashtag sign but keep the text 
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    tweet = tweet.lower() 

    return tweet 

df_preprocessed['Tweet'] = df_preprocessed['text'].map(lambda 

x: cleaner(x)) 

df_preprocessed.head(10) 

 

 

#fungsi hapus tanda baca 

print('tanda baca: ',string.punctuation) 

def remove_punct(text): 

    text  = "".join([char for char in text if char not in 

string.punctuation]) 

    text = re.sub('[0-9]+', ' ', text) 

    return text 

 

df_preprocessed['Tweet'] = 

df_preprocessed['Tweet'].apply(lambda x: remove_punct(x)) 

df_preprocessed.head(10) 

 

 

#Hapus stopword 

#ambil list stopwordnya 

from Sastrawi.StopWordRemover.StopWordRemoverFactory import 

StopWordRemoverFactory 

stop_factory = StopWordRemoverFactory() 

more_stopword = ['nya', 'ia','bahwa','oleh'] #untuk tambah 

stopword kalau dirasa perlu 

data = stop_factory.get_stop_words()+more_stopword #pake ini 

kalau ada tambahan stopword 

data = stop_factory.get_stop_words() 

stopword = stop_factory.create_stop_word_remover() 

 

df_preprocessed['Tweet'] = 

df_preprocessed['Tweet'].apply(lambda x: stopword.remove(x)) 

df_preprocessed.head() 

 

 

#Bikin stemmer 

from Sastrawi.Stemmer.StemmerFactory import StemmerFactory 

factory = StemmerFactory() 

stemmer = factory.create_stemmer() 

 

df_preprocessed['Tweet'] = 

df_preprocessed['Tweet'].apply(lambda x: stemmer.stem(x)) 

df_preprocessed.head(10) 
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Export data yang suudah di clean ke csv baru 

df_preprocessed.to_csv('data_cleaned.csv') 

 

 

4. MEMBANGUN MODELS 

Kita akan membangun models CNNRF dengan mengimport library yang 

kita butuhkan : 

 

from __future__ import absolute_import, division, 

print_function, unicode_literals 

 

try: 

  # %tensorflow_version only exists in Colab. 

  %tensorflow_version 2.x 

except Exception: 

  pass 

import tensorflow as tf 

 

import pandas as pd 

import numpy as np 

import matplotlib.pyplot as plt 

from gensim.corpora import WikiCorpus 

from urllib.request import urlopen 

from collections import Counter 

import gzip 

import numpy as np 

 

from tensorflow.keras import regularizers 

 

from tensorflow.keras import layers 

from tensorflow.keras import losses 

 

! pip install Sastrawi 

 

5.  

 
 
 
 

Load & Preprocess 
 

# lakukan load dataset terlebih dahulu 

df_review = pd.read_csv("data alya baru banget..csv") 
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# drop unused column 

df_preprocessed = df_review.copy() 

 

#ubah data dinas dan sentimen dari categorical jadi ordinal. 

karena datanya kotor sekali 

from sklearn.preprocessing import LabelEncoder 

LE = LabelEncoder() 

#df_preprocessed['Dinas'] = 

LE.fit_transform(df_preprocessed['Dinas']) 

df_preprocessed['Sentiment'] = 

LE.fit_transform(df_preprocessed['Sentiment']) 

 

print(df_preprocessed.head()) 

print("------------") 

print(df_preprocessed["Dinas"].value_counts()) 

print("------------") 

print(df_preprocessed["Sentiment"].value_counts()) 

print("------------") 

list(LE.inverse_transform([0, 1, 2,3,4,5])) 

 

#print dataframe data input yang sudah di preprocessed 

#komen data ini kalau jadinya terlalu banyak dan bikin jadi 

lambat 

 

%load_ext google.colab.data_table 

df_preprocessed 

 

 
STEMMER 

Buat stemmer lalu preprocess data tweet nya : 
 

from Sastrawi.Stemmer.StemmerFactory import StemmerFactory 

factory = StemmerFactory() 

stemmer = factory.create_stemmer() 

 

# contoh 

kalimat = df_preprocessed['Tweet'].iloc[0] 

print("kalimat test stemmer: ",kalimat) 

katadasar = stemmer.stem(kalimat) 

  

print("kalimat hasil stemm: ",katadasar) 

 
#stem kalimat tweet 

review = [] 

for index, row in df_preprocessed.iterrows(): 

    review.append(stemmer.stem(row["Tweet"])) 
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df_preprocessed["Tweet"] = review 

#df_preprocessed.head() 

#cetak hasil preprocess yang sudah di stem 

df_preprocessed 

 

#hasil cleaning di taruh ke csv 

df_preprocessed.to_csv('data alya kotor dibersihkan.csv') 

 

# #jalankan ini cuma sudah punya data yang sudah dibersihkan. 

# # lakukan load dataset terlebih dahulu 

 

# df_preprocessed = pd.read_csv("data alya kotor 

dibersihkan.csv") 

# df_preprocessed.drop(columns=df_preprocessed.columns[0], 

inplace=True, axis=1) 

# df_preprocessed = 

df_preprocessed.astype({'Sentiment':'int'}) 

# df_preprocessed = df_preprocessed.astype({'Dinas':'int'}) 

# print(df_preprocessed.head()) 

# print("------------") 

# print(df_preprocessed["Dinas"].value_counts()) 

# print("------------") 

# print(df_preprocessed["Sentiment"].value_counts()) 

# print("------------") 

# list(LE.inverse_transform([0, 1, 2,3,4,5])) 

 

df_preprocessed 

 

# balancing dataset oversampling sederhana 

#limit data ke 5000 

s_0 = 

df_preprocessed[df_preprocessed['Sentiment']==0].sample(5000,r

eplace=True) 

s_1 = 

df_preprocessed[df_preprocessed['Sentiment']==1].sample(5000,r

eplace=True) 

s_2 = 

df_preprocessed[df_preprocessed['Sentiment']==2].sample(5000,r

eplace=True) 

s_3 = 

df_preprocessed[df_preprocessed['Sentiment']==3].sample(5000,r

eplace=True) 

s_4 = 

df_preprocessed[df_preprocessed['Sentiment']==4].sample(5000,r

eplace=True) 

df_preprocessed = pd.concat([s_0, s_1, s_2, s_3, s_4]) 
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print(df_preprocessed.shape) 

 

print(df_preprocessed['Sentiment'].value_counts(normalize=True

)) 

print(Counter(df_preprocessed["Sentiment"])) 

 

#Dataset hasil oversampling 

df_preprocessed 

 

 

6. WORD EMBEDDING (FASTTEKS VECTORS) 
 

Embedding pake fasttext : 

 
file = 

gzip.open(urlopen('https://dl.fbaipublicfiles.com/fasttext/vec

tors-crawl/cc.id.300.vec.gz')) 

 

vocab_and_vectors = {} 

# put words as dict indexes and vectors as words values 

for line in file: 

    values = line.split() 

    word = values [0].decode('utf-8') 

    vector = np.asarray(values[1:], dtype='float32') 

    vocab_and_vectors[word] = vector 

 
 

print(df_preprocessed.head()) 

print("------------") 

print(df_preprocessed["Dinas"].value_counts()) 

print("------------") 

print(df_preprocessed["Sentiment"].value_counts()) 

print("------------") 

list(LE.inverse_transform([0, 1, 2,3,4,5])) 

 

# more imports 

from sklearn.model_selection import train_test_split 

from tensorflow.keras.preprocessing.text import Tokenizer 

from tensorflow.keras.preprocessing.sequence import 

pad_sequences 

from tensorflow.keras.utils import to_categorical 

# berapa fitur yang mau di extract 

features = 500 

tokenizer = Tokenizer(num_words = features) 

# fit tokenizer ke text 

tokenizer.fit_on_texts(df_preprocessed["Tweet"].tolist()) 
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# ambil semua kata yang ditahu sama tokenizernya 

word_index = tokenizer.word_index 

print(len(word_index)) 

# masukkan token ke matrix 

X = 

tokenizer.texts_to_sequences(df_preprocessed["Tweet"].tolist()

) 

print("x yang telah diubah jadi token",X) 

X = pad_sequences(X) 

print("x setelah di beri padding pad",X) 

 

# Siapkan labelnya 

y = df_preprocessed.iloc[:, 0:2] 

print("======== Y Label ==========") 

print(y["Dinas"].value_counts()) 

print(y["Sentiment"].value_counts()) 

 

#cetak token x yang telah di pad 

X 

 

# split data train dan test 

X_train, X_test, y_train, y_test = train_test_split(X, y, 

test_size=0.2, random_state=42) #tambah stratify=y 

print(X_train.shape, y_train.shape) 

print(X_test.shape, y_test.shape) 

 

embedding_matrix = np.zeros((len(word_index) + 1, 300)) 

for word, i in word_index.items(): 

    embedding_vector = vocab_and_vectors.get(word) 

    # words that cannot be found will be set to 0 

    if embedding_vector is not None: 

        embedding_matrix[i] = embedding_vector 

 

embedding_matrix.shape 

 
 

7. . RANDOM FOREST CLASSIFICATION PARAMETER 
 

CNN Classifier 

 
from tensorflow.keras.models import Sequential 

from tensorflow.keras.layers import LSTM, Dense, Embedding 

 

#model = tf.keras.Sequential([ 

#    tf.keras.layers.Embedding(len(word_index)+1, 300, 

input_length=X.shape[1], weights=[embedding_matrix], 

trainable=False), 
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#    tf.keras.layers.Bidirectional(tf.keras.layers.LSTM(64,  r

eturn_sequences=True)), 

#    tf.keras.layers.Bidirectional(tf.keras.layers.LSTM(32)), 

#    tf.keras.layers.Dense(64, activation='relu'), 

#    tf.keras.layers.Dropout(0.5), 

#    tf.keras.layers.Dense(1, activation='sigmoid') 

#]) 

embedding_dim = 300 

input_length=X.shape[1] 

 

model = tf.keras.Sequential() 

 

#1. Embedding Layer & Weight 

model.add(tf.keras.layers.Embedding(len(word_index)+1, 

embedding_dim, input_length=input_length, 

         weights=[embedding_matrix], trainable=False))   

 

model.add(tf.keras.layers.Conv1D(filters=16, kernel_size=3, 

strides=1, padding='same', 

activation='relu',kernel_initializer=tf.keras.initializers.ran

dom_normal())) 

model.add(tf.keras.layers.BatchNormalization())  

model.add(tf.keras.layers.Activation('relu')) 

 

model.add(tf.keras.layers.Conv1D(filters=16, kernel_size=3, 

strides=1, padding='same', 

activation='relu',kernel_initializer=tf.keras.initializers.ran

dom_normal())) 

model.add(tf.keras.layers.BatchNormalization())  

model.add(tf.keras.layers.Activation('relu')) 

 

model.add(tf.keras.layers.MaxPooling1D()) 

 

model.add(tf.keras.layers.Conv1D(filters=32, kernel_size=3, 

strides=1, padding='same', 

activation='relu',kernel_initializer=tf.keras.initializers.ran

dom_normal())) 

model.add(tf.keras.layers.BatchNormalization())  

model.add(tf.keras.layers.Activation('relu')) 

 

model.add(tf.keras.layers.Conv1D(filters=32, kernel_size=3, 

strides=1, padding='same', 

activation='relu',kernel_initializer=tf.keras.initializers.ran

dom_normal())) 

model.add(tf.keras.layers.BatchNormalization())  

model.add(tf.keras.layers.Activation('relu')) 
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model.add(tf.keras.layers.MaxPooling1D()) 

 

model.add(tf.keras.layers.Conv1D(filters=64, kernel_size=3, 

strides=1, padding='same', 

activation='relu',kernel_initializer=tf.keras.initializers.ran

dom_normal())) 

model.add(tf.keras.layers.BatchNormalization())  

model.add(tf.keras.layers.Activation('relu')) 

 

model.add(tf.keras.layers.Conv1D(filters=64, kernel_size=3, 

strides=1, padding='same', 

activation='relu',kernel_initializer=tf.keras.initializers.ran

dom_normal())) 

model.add(tf.keras.layers.BatchNormalization())  

model.add(tf.keras.layers.Activation('relu')) 

 

model.add(tf.keras.layers.MaxPooling1D()) 

 

model.add(tf.keras.layers.Conv1D(filters=128, kernel_size=3, 

strides=1, padding='same', 

activation='relu',kernel_initializer=tf.keras.initializers.ran

dom_normal())) 

model.add(tf.keras.layers.BatchNormalization())  

model.add(tf.keras.layers.Activation('relu')) 

 

model.add(tf.keras.layers.Conv1D(filters=128, kernel_size=3, 

strides=1, padding='same', 

activation='relu',kernel_initializer=tf.keras.initializers.ran

dom_normal())) 

model.add(tf.keras.layers.BatchNormalization())  

model.add(tf.keras.layers.Activation('relu')) 

 

model.add(tf.keras.layers.Conv1D(filters=128, kernel_size=3, 

strides=1, padding='same', 

activation='relu',kernel_initializer=tf.keras.initializers.ran

dom_normal())) 

model.add(tf.keras.layers.BatchNormalization())  

model.add(tf.keras.layers.Activation('relu')) 

 

model.add(tf.keras.layers.MaxPooling1D()) 

 

model.add(tf.keras.layers.Conv1D(filters=128, kernel_size=3, 

strides=1, padding='same', 

activation='relu',kernel_initializer=tf.keras.initializers.ran

dom_normal())) 

model.add(tf.keras.layers.BatchNormalization())  
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model.add(tf.keras.layers.Activation('relu')) 

 

model.add(tf.keras.layers.Conv1D(filters=128, kernel_size=3, 

strides=1, padding='same', 

activation='relu',kernel_initializer=tf.keras.initializers.ran

dom_normal())) 

model.add(tf.keras.layers.BatchNormalization())  

model.add(tf.keras.layers.Activation('relu')) 

 

model.add(tf.keras.layers.Conv1D(filters=128, kernel_size=3, 

strides=1, padding='same', 

activation='relu',kernel_initializer=tf.keras.initializers.ran

dom_normal())) 

model.add(tf.keras.layers.BatchNormalization())  

model.add(tf.keras.layers.Activation('relu')) 

 

model.add(tf.keras.layers.MaxPooling1D()) 

 

model.add(tf.keras.layers.GlobalAveragePooling1D()) 

 

#dense layer 

model.add(tf.keras.layers.Dense(100, activation='sigmoid',\ 

         kernel_regularizer=regularizers.l2(0.001),\ 

                                bias_regularizer=regularizers.

l2(0.001),)) 

model.add(tf.keras.layers.Dropout(0.5)) 

model.add(tf.keras.layers.Dense(50, activation='sigmoid',\ 

         kernel_regularizer=regularizers.l2(0.001),\ 

                                bias_regularizer=regularizers.

l2(0.001),)) 

model.add(tf.keras.layers.Dropout(0.5)) 

model.add(tf.keras.layers.Dense(2, activation='sigmoid',\ 

         kernel_regularizer=regularizers.l2(0.001),\ 

         bias_regularizer=regularizers.l2(0.001),)) 

 

opt = tf.keras.optimizers.Adam( 

    learning_rate=0.0001, #default 0.001 #best record 0.001 @ 

500 epoch 81% accuracy 

    beta_1=0.9, 

    beta_2=0.999, 

    epsilon=1e-07, 

    amsgrad=False, 

    name="Adam", 

) 

 

model.summary() 
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model.compile(loss='binary_crossentropy', 

              optimizer=opt, 

              metrics=['accuracy']) 

 
 

history = model.fit(X_train, y_train, epochs=100, 

                    validation_data=(X_test, y_test)) 

test_loss, test_acc = model.evaluate(X_test, y_test) 

 

print('Test Loss: {}'.format(test_loss)) 

print('Test Accuracy: {}'.format(test_acc)) 

 

def plot_graphs(history, string): 

    plt.plot(history.history[string]) 

    plt.plot(history.history['val_'+string], '') 

    plt.xlabel("Epochs") 

    plt.ylabel(string) 

    plt.legend([string, 'val_'+string]) 

    plt.show() 

 

plot_graphs(history, 'accuracy') 

plot_graphs(history, 'loss') 

 

model.save("CNN_feature_extractor") 

 
Feature Extraction CNN 

 

from keras.models import Model, Sequential 

 

#ambil dense layer pertama buat layer ekstraksi fitur 

layer_name = 'dense' #<< ganti namanya sesuai layer dense 

pertama 

FC_layer_model = Model(inputs=model.input,  

                       outputs=model.get_layer(layer_name).out

put) 

FC_layer_model.summary() 

 
i=0 

number_of_feature = 100 

features=np.zeros(shape=(X_train.shape[0],number_of_feature)) 

print('X_train shape:',X_train.shape) 

#test etraksi fitur 

FC_output = FC_layer_model.predict(X_train) 

features=FC_output 

#save feature 
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np.save('features',features) 

 

features 

 
#bikin kolom buat fitur biar gampang saya liat 

feature_col=[] 

for i in range(number_of_feature): 

    feature_col.append("f_"+str(i)) 

    i+=1 

 

#feature_col 

 

#Bikin dataframe supaya bisa dimasukkan ke random forest 

train_features=pd.DataFrame(data=features,columns=feature_col) 

feature_col = np.array(feature_col) 

feature_col 

 
train_class = np.array(y_train) 

print('Training Features Shape:', train_features.shape) 

print('Training Labels Shape:', y_train.shape) 

train_class 

 

8. RANDOM FOREST CLASSIFIER: MULTI-CLASS 

MULTI-OUTPUT 
 

from sklearn.preprocessing import LabelBinarizer 

from sklearn.ensemble import RandomForestClassifier 

from sklearn.metrics import accuracy_score 

from sklearn.multioutput import MultiOutputClassifier 

 

forest = RandomForestClassifier(n_estimators = 20, 

random_state = 42,) 

rfmcmo = MultiOutputClassifier(forest, n_jobs=-1) 

 

rfmcmo.fit(train_features, y_train).predict(train_features) 

 

 

9. CNN FEATURE EXTRACTION + RANDOM FOREST 

CLASSIFIER 
 

#data untuk validasi 

#ini data tweet yang sudah di tokenize dan serialisasi. ini 

yang masuk ke CNN & RF 

X_test 

 

# label untuk validasi 
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# Indexnya tidak berurut karena fungsi split train test di 

atas 

# ada data yang dobel karena hasil oversampling 

# y_test 

y_test 

 

#tweet Test 

#di bikinkan variable baru supaya bisa keliatan datanya karena 

di atas sebelumnya sudah di padding dan tokenize. tapi masih 

ada indexnya di y_test 

# tabel ini cuma untuk evaluasi saja, biar gampang dibaca. 

 

tweet_test = pd.merge(y_test, df_preprocessed['Tweet'], 

left_index=True, right_index=True, how='left') 

tweet_test = 

tweet_test[~tweet_test.index.duplicated(keep='first')] 

tweet_test 

 

i=0 

number_of_feature = 100 

features=np.zeros(shape=(X_test.shape[0],number_of_feature)) 

print('X_train shape:',X_test.shape) 

#test etraksi fitur 

FC_output = FC_layer_model.predict(X_test) 

features_test=FC_output 

 

features_test 

 

#Bikin dataframe supaya bisa dikasi masuk ke random forest 

test_features=pd.DataFrame(data=features_test,columns=feature_

col) 

feature_col = np.array(feature_col) 

 

print('Test Features Shape:', test_features.shape) 

print('Test Labels Shape:', y_test.shape) 

 

test_features 

 

#masukkan fitur dari CNN ke random forest 

predictions = rfmcmo.predict(test_features) 

 

dfpredict = pd.DataFrame(predictions, columns = ['prediction 

dinas','prediction sentiment']) 

 

dfpredict.to_csv('hasil prediksi.csv') 

y_test.to_csv('test true.csv') 
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ac_pred = predictions[:,0] 

ac_y_test = y_test['Dinas'] 

accuracy_dinas=accuracy_score(ac_pred , ac_y_test) 

ac_pred = predictions[:,1] 

ac_y_test = y_test['Sentiment'] 

accuracy_sentiment=accuracy_score(ac_pred , ac_y_test) 

print('Accuracy Dinas: %f'% accuracy_dinas) 

print('Accuracy Sentiment: %f'% accuracy_sentiment) 

 

#f1 score 

from sklearn import metrics 

y_pred_dinas = predictions[:,0] 

y_pred_sentiment = predictions[:,1] 

y_true_dinas = y_test['Dinas'] 

y_true_sentiment = y_test['Sentiment'] 

 

# Print confusion matrix & presicion recal 

print("================= confusion matrix dinas 

================") 

print(metrics.confusion_matrix(y_true_dinas, y_pred_dinas)) 

print(metrics.classification_report(y_true_dinas, 

y_pred_dinas, digits=3)) 

 

print("=======================================================

==") 

 

print("================= confusion matrix Sentiment 

============") 

print(metrics.confusion_matrix(y_true_sentiment, 

y_pred_sentiment)) 

print(metrics.classification_report(y_true_sentiment, 

y_pred_sentiment, digits=3)) 

print("=======================================================

==") 

 

test_true = pd.read_csv("test true.csv") 

test_true.rename(columns={"Unnamed: 0": "id"}, inplace=True) 

test_true 

# df_preprocessed.drop(columns=df_preprocessed.columns[0], 

inplace=True, axis=1) 

# df_preprocessed = 

df_preprocessed.astype({'Sentiment':'int'}) 

# df_preprocessed = df_preprocessed.astype({'Dinas':'int'}) 

# print(df_preprocessed.head()) 

# print("------------") 

# print(df_preprocessed["Dinas"].value_counts()) 

# print("------------") 
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# print(df_preprocessed["Sentiment"].value_counts()) 

# print("------------") 

# list(LE.inverse_transform([0, 1, 2,3,4,5])) 

 

test_predict = pd.read_csv("hasil prediksi.csv") 

test_predict 

 

#perbandingan prediksi dengan hasil prediksi 

res = pd.concat([test_true, test_predict], 

axis=1).drop(columns='Unnamed: 0') 

res 

df_cd = pd.merge(res, df_preprocessed, how='inner',left_on = 

'id',right_index = 

True).drop(columns=['Dinas_y','Sentiment_y']) 

df_cd.to_csv('hasil prediksi test.csv') 

 

df_cd 

 


