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Lampiran 1. Data Persentase Kemiskinan di Provinsi Sulawesi Selatan Tahun

Universitas Hasanuddin

2021

Kab/Kot Y X, X, X5 X,

Kepulauan Selayar | 12.50 | 67.80 2.80 33.70 | 96.10
Bulukumba 7.40 | 69.60 3.10 31.20 | 91.60
Bantaeng 9.40 | 69.00 4.10 57.20 | 84.20
Jeneponto 14.30 | 64.60 2.40 43.30 81.30
Takalar 8.30 | 67.70 3.90 28.80 | 91.90
Gowa 7.50 | 70.30 4.30 3440 | 91.30
Sinjai 8.80 | 67.80 2.60 37.10 | 93.80
Maros 9.60 | 70.40 6.30 29.50 | 92.70
Pangkep 14.30 | 69.20 5.90 16.70 | 97.40
Barru 8.70 | 71.10 6.70 27.80 | 94.80
Bone 10.50 | 66.40 4.20 38.90 | 88.10
Soppeng 7.50 | 69.00 3.90 33.00 | 99.60
Wajo 6.50 | 69.60 4.30 29.30 | 91.60
Sidrap 500 | 71.50 4.90 3450 | 96.20
Pinrang 8.80 | 71.50 4.10 43.20 | 91.80
Enrekang 12.50 | 72.90 2.30 22.30 | 98.70
Luwu 12.50 | 70.90 4.80 21.70 | 96.40
Tana Toraja 12.30 | 69.50 3.10 29.00 | 86.60
Luwu Utara 13.60 | 70.00 3.90 17.40 | 97.60
Luwu Timur 6.90 | 73.30 5.00 27.80 | 92.90
Toraja Utara 12.00 | 69.80 2.60 26.30 | 93.90
Kota Makassar 480 | 8270 | 13.20 | 16.30 | 98.10
Kota Pare Pare 540 | 78.20 6.70 28.60 | 100.00
Kota Palopo 8.10 | 78.40 8.80 12.90 | 99.10
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Lampiran 1. Data Persentase Kemiskinan di Provinsi Sulawesi Selatan Tahun

2021 (lanjutan)

Kab/ Kota X5 Xq X5 Xg X,

Kepulauan Selayar | 47.70 | 71.90 | 82.90 | 58.20 | 30.70
Bulukumba 3430 | 70.10 | 78.80 | 95.00 | 49.20
Bantaeng 56.40 | 71.30 | 85.90 | 78.80 | 22.60
Jeneponto 53.60 | 69.70 | 95.10 | 76.60 | 66.60
Takalar 3240 | 65.60 | 9450 | 91.10 | 55.80
Gowa 63.70 | 7150 | 87.60 | 100.00 | 42.80
Sinjai 4410 | 66.70 | 52.70 | 95.90 | 52.70
Maros 39.50 | 68.90 | 7350 | 76.60 | 34.40
Pangkep 30.30 | 65.20 | 75.10 | 90.50 | 47.10
Barru 32.70 | 66.40 | 9250 | 94.20 | 26.30
Bone 41.10 | 63.00 | 8450 | 9350 | 59.40
Soppeng 33.50 | 60.40 | 88.90 | 100.00 | 29.40
Wajo 29.10 | 66.60 | 80.70 | 100.00 | 15.90
Sidrap 36.60 | 63.60 | 97.10 | 88.00 | 14.10
Pinrang 3530 | 6410 | 83.70 | 92.90 | 3240
Enrekang 46.90 | 69.10 | 7440 | 95.20 | 54.20
Luwu 3490 | 65.50 | 84.20 | 82.80 | 41.70
Tana Toraja 67.90 | 7350 | 63.60 | 86.90 | 37.60
Luwu Utara 36.70 | 69.20 | 88.50 | 90.60 | 48.70
Luwu Timur 3040 | 6440 | 7340 | 86.00 | 30.60
Toraja Utara 46.10 | 73.30 | 60.90 | 9290 | 47.60
Kota Makassar 26.20 | 57.00 | 100.00 | 100.00 | 10.40
Kota Pare Pare 3240 | 68.80 | 100.00 | 100.00 | 45.30
Kota Palopo 27.70 | 6440 | 96.30 | 76.50 | 32.50
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Lampiran 2. Hasil Uji DfFFITS Data Persentase Kemiskinan di Provinsi

Sulawesi Selatan Tahun 2021
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No Kab/ Kota Dfffits | [IDfFFITS| | Keterangan

1 | Kepulauan Selayar | -0.53428 | 0.53428 Bukan Pencilan
2 | Bulukumba -0.62992 | 0.62992 Bukan Pencilan
3 | Bantaeng 1.68104 | 1.68104 Pencilan

4 | Jeneponto 0.86249 | 0.86249 Bukan Pencilan
5 | Takalar -0.85380 | 0.85380 Bukan Pencilan
6 | Gowa -1.70605 | 1.70605 Pencilan

7 | Sinjai -1.34059 | 1.34059 Pencilan

8 | Maros -0.57710 | 0.57710 Bukan Pencilan
9 | Pangkep 1.16544 | 1.16544 Bukan Pencilan
10 | Barru 0.31126 | 0.31126 Bukan Pencilan
11 | Bone -0.11213 ] 0.11213 Bukan Pencilan
12 | Soppeng -0.02942 | 0.02942 Bukan Pencilan
13 | Wajo -0.05550 | 0.05550 Bukan Pencilan
14 | Sidrap -0.77184 | 0.77184 Bukan Pencilan
15 | Pinrang 0.96368 | 0.96368 Bukan Pencilan
16 | Enrekang 1.02398 | 1.02398 Bukan Pencilan
17 | Luwu 0.28146 | 0.28146 Bukan Pencilan
18 | Tana Toraja -0.14483 | 0.14483 Bukan Pencilan
19 | Luwu Utara 0.68785 | 0.68785 Bukan Pencilan
20 | Luwu Timur -0.67943 | 0.67943 Bukan Pencilan
21 | Toraja Utara 0.32150 | 0.32150 Bukan Pencilan
22 | Kota Makassar 0.93899 | 0.93899 Bukan Pencilan
23 | Kota Pare Pare -0.36282 | 0.36282 Bukan Pencilan
24 | Kota Palopo -0.74074 | 0.74074 Bukan Pencilan
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Lampiran 3. Uji Normalitas, Multikolinearitas dan Heteroskedastisitas

> # Shapiro-wilks Normality Test
> shapiro.test(regoLSsresiduals)

Shapiro-wilk normality test

data: regoLSiresiduals

W = 0.94557, p-value

W

= multikol.test

X1 X2 X3
5.097018 6.904513 3.189092 3.484056 2.869290 3.250731 1.555134 1.295967

X9
1.777903

> #Uji Heteroskedastisitas
> library{gvima)

> uji.hm=gvima(regoLs)

> uji.hm

call:

0.2169

multikol.test=vif(regoLs)

x4 X5

X6 x7 XE

Tm(formula = ¥ ~ X1 + X2 + X3 + X4 + X5 + X6 + X7 + X8 + X9,

data = data)

Coefficients:

{(Intercept) x1 X2 X3 x4 x5
44.14783 -0.32909 0.06227 -0.14115 0.00456 0.07905
X6 X7 X8 X9
-0.03737 -0.01970 -0.10472 0.06452
ASSESSMENT OF THE LINEAR MODEL ASSUMPTIONS
USING THE GLOBAL TEST ON 4 DEGREES-OF-FREEDOM:
Level of Significance = 0.05
call:
gvima(x = regoLs)
value p-wvalue pecision
Global stat 5.27140 0.26057 Assumptions acceptable.
Skewness 0.01849 0.89185 Assumptions acceptable.
Kurtosis 1.46478 0.22617 Assumptions acceptable.
Link Function 3.03299 0.08159 Assumptions acceptable.
Heteroscedasticity 0.75514 0.38485 Assumptions acceptable.
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Lampiran 4. Regresi Robust Penduga LTS

= #Model Regresi Robust

LTS

Universitas Hasanuddin

= model. LTS <- TtsReg(¥Y~¥1+X2+X3+MA+X5+X0+X7+XB+X3, data=data, method="LTs")

> summary(model.LTS)

call:
Ttsreg.formula(formula =

Residuals (from reweighted LS):
3Q

Min 1@ Median

coefficients:

Estimate std.
Intercept 25.1675367 12.
X1 -0. 390702 0
x2 0.130627 0
X3 -0. 331776 0
w4 0. 3180538 0
X5 0.098546 0
X6 0.130318 0
X7 -0. 056448 ]
bt -0.043424 0
X9 0. 006191 ]

Y ~ XL + X2 + X3 + X4 +# X5 + X6 + X7 +
X8 + X9, data = data, method = "LTS")

Max
-1.8871 -0.2684 0.0000 0.4499 1.1442

Error t© value

681080

.122197
. 230208
.047132
. 098196
. 030858
.105511
. 022860
. 024701
. 024252

1.
-4,
0.
-7.
3.
3.
1.
-2.
-1.
0.

985
B34
654
039
239
194
235
469
758
255

Pri=|t|)
.075287
. 000688
. 527675
54e-05
008884
. 009596
.245022
.033143
.109256
.B03673

coooocowo oo

Residual standard error: 0.9609 on 10 degrees of freedom
Multiple rR-Squared: 0.946,

F-statistic: 19.48 on 9 and 10 DF,
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Lampiran 5. Pemilihan Model Terbaik Berdasarkan Nilai Cp Mallow

2/3/2024 10:00:31 AM

Welcome to Minitab, press Fl1 for help.

Best Subsets Regression: Y versus X1, X3, X4, X5

Respeonse is Y

R-5q R-5g Mallows XXXX

Vars R-5gq (adj) (pred) Cp S B34S
1 28.7 25.5 19.5 11.7 2.528 X
1 1ls6.2 12.4 0.0 17.3 2.7411 X
1 5.5 1.2 0.0 22.1 2.911¢% X
1 0.4 0.0 0.0 24.3 2.9891 X
2 45.¢ 40.4 27.7 6.2 2.2608 X X
2 32.0 25.5 13.7 12.3 2.5279 X X
2 29.7 23.0 9.3 13.3 2.5695 X X
2 25.2 18.1 0.0 15.3 2.650¢ X X
2 1lé.2 8.3 0.0 18.3 2.8054 XX
3 57.0 50.6 32.3 3.1 2.0586 X X X
3 438.4 40.¢6 2¢6.4 7.0 2.2572 X X X
3 38.3 26.7 5.9 12.3 2.5071 X XX
3 28.5 18.9 0.0 15.4 2.638 XXX
4 57.3 43.3 26.0 5.0 2.1060 XX XX
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