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Lampiran 1. Data Penyakit Jantung Iskemik di Pusat Jantung Terpadu RSUP Dr.

Wahidin Sudirohusodo Makassar

Status
No. Usia BB IMT Hipertensi Koltot JK Penyakit
(x1) (x2) (x3) (xg) (x9) (x10)  Jantung

Iskemik
1 44 75 27,5 0 263 1 Jantung
2 58 65 23,9 1 129 1 e .
3 65 67 232 1 246 1 Ja';']?u”ng
4 47 68 25 1 185 1 Ja';']?u”ng
5 49 68 241 1 115 1 Ja';']‘t)u”ng
6 71 63 22,3 1 185 1 Jantung
7 79 67 24,6 0 161 1 Jantung
8 54 65 21,2 1 211 1 Jantung
9 62 68 23 1 248 1 Jantung
10 61 62 22,5 1 95 1 Jantung
11 77 65 225 1 232 1 Jantung
12 87 61 224 1 188 1 Jantung
13 50 60 20,8 0 188 1 Jantung
14 47 60 21,3 0 185 1 Jantung
15 59 58 22,7 1 149 0 Jantung
16 55 67 23,2 0 185 1 Jantung
17 45 73 28,5 1 283 1 Jantung
18 46 80 27,7 1 207 1 Jantung
19 57 81 31,6 0 220 0 Jantung
20 66 68 26,6 1 175 0 Jantung
222 39 70 26 0 171 1 Jantung
223 70 75 28,2 1 273 1 Jantung
224 72 45 18,7 1 139 1 Jantung
225 62 70 25,7 0 148 0 Jantung
226 71 45 18,7 0 185 1 Jantung
227 55 67 24 0 187 1 Jantung
228 57 55 22,9 0 202 1 Jantung
229 46 64 24,4 1 419 0 Jantung
230 45 66 24,2 1 159 1 Jantung
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Lampiran 2. Data penyakit jantung iskemik yang distandarisasi

No. X1 Xy X3 Xg X7 X9
1 -1,304 0,968 0,916 -1,193  -0,440 1,735
2 -0,043 -0,026 -0,215 -1,172 0,518 -1,254
3 0,587 0,173 -0,435 -0,124 0,721 1,356
4 -1,033 0,272 0,130 0,635 0,479 -0,005
5 0,227 -0,026 -0,404 0,197 -0,140 1,155
6 -0,853 0,272 -0,152 0,124  -0,227 -1,566
7 1,127 -0,225 -0,718 -0,600 0,847 -0,005
8 1,848 0,173 0,005 -0,885  -0,575 -0,540
9 -0,403 -0,026 -1,063 -0,764 0,547 0,575
10 0,317 0,272 -0,498 -0,448 0,344 1,400
11 0,227 -0,324 -0,655 -0,530 0,015 -2,012
12 1,668 -0,026 -0,655 0,149 0,170 1,044
13 2,568 -0,423 -0,686 1,954 -0,024 0,062
14 -0,763 -0,523 -1,189 2,012 -0,575 0,062
15 -1,033 -0,523 -1,032 0,582 -0,362 -0,005
16 0,047 -0,721 -0,592 -0,505  -0,285 -0,808
17 -0,313 0,173 -0,435 -0,450 0,286 -0,005
18 -1,214 0,769 1,230 0,090 -0,498 2,181
19 -1,123 1,464 0,979 0,925 0,112 0,486
20 -0,133 1,564 2,204 -0,721  -1,040 0,776
221 1,127 -0,423 -1,095 -0,696  -0,836 -0,317
222 -1,754 0,471 0,445 1,497 0,634 1,958
223 1,037 0,968 1,136 0,067 0,092 -1,031
224 1,217 -2,013 -1,849 0,734  -0,740 -0,830
225 0,317 0,471 0,350 -0,353  -1,020 -0,005
226 1,127 -2,013 -1,849 0,410 0,131 0,040
227 -0,313 0,173 -0,184 -1,249  -0,556 0,374
228 -0,133 -1,019 -0,529 -1,268 0,373 5,215
229 -1,123 -0,125 -0,058 -0,143 0,315 -0,585
230 -1,214 0,073 -0,121 -0,486  -0,091 1,111




Lampiran 3.

Data penyakit jantung iskemik yang sudah dilakukan adaptive

synthetic sampling

No. X1 Xy X3 X~ Xg X9 X10 Y
1 -1,394 -0,026 -0,215 -0,614 0 1,512 1 O
2 0,767 -0,324 -0,561 -1,185 1 -1968 1 O
3 0587 0,173 -0,435 0,721 1 1356 1 O
4 -1664 0,471 -0,529 -0,488 1 0295 1 O
5 0,137 2,061 3,524 -0,943 0 -1,432 0 O
6 -0,133 -1,019 -1,755 -0,749 1 0887 1 O
7 -0,853 0,272 -0,152 -0,227 1 -1,566 1 O
8 -0,043 -0,026 -0,215 0,518 1 -1,254 1 O
9 -1,033 0,272 0,130 0,479 1 0005 1 O
10 -1,033 -0,523 0,130 -0,256 1 1,579 0 O
11 -1,482 0,137 -0,318 -0,573 0,327 0921 1 O
12 -1,062 0,007 -0,252 -0,391 0,167 1,48 1 O
13 -1,261 -0,013 -0,230 -0,525 0,067 1502 1 O
14 -1,044 -0,302 -0,643 -0,652 0,278 1339 1 O
15 -0,481 0,066 -0,317 0,002 0461 1440 1 O
16 -0,975 -0,356 -0,726 -0,659 0,332 1305 1 O
17 -1,409 0,003 -0,233 -0,607 0,058 1,408 1 O
18 -1,128 0,121 -0,184 -0,424 0,492 -0002 1 O
19 -1,021 0,012 -0,257 -0,362 0,188 1,483 1 O

20 -1,190 0,086 -0,191 -0,468 0,376 0354 1 O

427 1,127 -0,423 -1,095 -0,836 0 0317 1 1

428 -1,754 0,471 0,445 0,634 1 1,958 1 1

429 1,037 0,968 1,136 0,092 1 -1,031 1 1

430 1,217 -2,013 -1,849 -0,740 0 0830 0 1

431 0,317 0,471 0,350 -1,020 0 -0005 1 1

432 1,127 -2,013 -1,849 0,131 0 0040 1 1

433 -0,313 0,173 -0,184 -0,556 0 0374 1 1

434 -0,133 -1,019 -0,529 0,373 1 5215 0 1

435 -1,123 -0,125 -0,058 0,315 1 058 1 1

436 -1,214 0,073 -0,121 -0,091 0 1,111 1 1
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Lampiran 4. Hasil esmtimasi parameter regresi logistik biner bayesian dengan
penerapan adaptive synthetic sampling

Console  Terminal Background Jobs

R R441 .-~/

1. Empirical mean and standard deviation for each variable,
plus standard error of the mean:

Mean 5D MNaiwve SE Time-series SE
betal 2.3103 0.68132 0.011194 0.021464
betal 1.2066 0.2039 0.003722 0.007920
betald 0.4330 0.5866 0.010709 0.017820
betaz -1.7491 0.4583 0.0083467 0.014991
beta3 1.5009% 0.3951 0.007213 0.012363
betad -2.8419 0.6982 0.012748 0.023721
betas 4.0102 0.7276 0.013283 0.026853
betab 0.8341 0.1962 0.003583 0. 006467
beta? 0.6699 0.2536 0.004631 0.009315
betal -1.8343 0.3676 0.006711 0.011642
betad 0.1124 0.1358 0.002480 0.003621
deviance 398.9962 4.7682 0.08705%6 0.145717
2. guantiles for each wvariable:

2.5% 25% 50% 7 5% 97. 5%
betal 1.1809 1.88391 2.2819 2.7211 3. 5607
betal 0.8284 1.06740 1.2037 1.3433 1.6208
betald -0.6732 0.03970 0.4111 0.8292 1.5823
betaz -2.6667 -2.05044 -1.7404 -1.4392 -0.8735
beta3l 0.7522 1.22573 1.4933 1.7607 2.2829
betad -4.2161 -3.305326 -2.8473 -2.3783 -1.4820
betas 2.6397 3.51445 3.9991 4.4601 5.5117
betab 0.4730 0.72170 0. 8520 0.9775 1.2433
beta? 0.1994 0.49541 0.6538 0.8371 1.1885
betal -2.53561 -2.08789 -1.8326 -1.3823 -1.1302
betad -0.1555 0.02197 0.1131 0.2036 0.3761
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Lampiran 5. Hasil esmtimasi parameter regresi logistik biner bayesian dengan
penerapan adaptive synthetic sampling yang sudah dilakukan
perhitungan ulang

1. Empirical mean and standard deviation for each variable,

plus standard error of the mean:

betald 2.
betal 1.
bhetaz -1,
betas 1.
betad -2.
betas 4,
betatd 0.
bheta? 0.
betad -1,

deviance 398.

2. Quantiles

betad 2.
betal 0.
beta2 -2.
beta3 0.
betad -4,
bhetas 2.
bhetad 0.
beta? 0.

betas -2.

Mean
7375
2064
5445
2741
BB30
1071
494
7426
9093
3510

FPoOCOoOoOO0O00O0

5D Maive SE Time-series SE
Q.016903
Q.007300

. 3672
. 2006
3590
. 2889
. 7007
. 7349
L1841
2435
. 3756
L3341

oo oo oo oo oo

. 006704
.003663
. 006555
. 005274
.012793
.013417
.003360
. 004446
. 006857
.079130

for each variable:

2.5%
0660
B282
2502
7143
3086
7095
5003
2659
6991

25%
2.4805
1.0702

-1.7903
1.0744
-3.3452
3.8053
0.7215
0.5754
-2.1551

50%
2.7207
1.2044

-1.5427
1.2709

-2, 8547
4.0850
0. 8486
0.7428

-1.9023

[ I = Y e e Y e Y s ]

75%

L9724
. 3382
. 2963
L4739
L4080
. 53947
L9735
L9111
. 6459

.012972
. 009868
. 024956
.028214
. 007048
. 009959
.012782
107760

97. 5%
3.5104
1.60358

-0. 8559
1.8433
-1.5670
5.5831
1.2298
1.2097
-1.1854
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Lampiran 6. Hasil ketepatan model regresi logistik biner bayesian dengan
penerapan adaptive synthetic sampling

[1] "confusion Matrix:"
= print{confusion_matrix)
Actual
Predicted 0 1
g 190 52
1 76 168

=
=
= # Menghitung akurasi

= accuracy <- mean(pred == new_data$class)

= print(paste("akurasi:", round(accuracy * 100, 23}, "%"))
[1] "akurasi: 82.11 %"
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Lampiran 7. Hasil mean squared error regresi logistik biner bayesian dengan
penerapan adaptive synthetic sampling

» # Menghitung MSE

» Mse <- mean((new_datafclass - pred_prob)AZ)
» print(paste("Mse:”, mse))

[1] "MsE: 0.141285977422936"
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Lampiran 8. Hasil odds ratio regresi logistik biner bayesian dengan penerapan
adaptive synthetic sampling

> odds_ratios <- exp(c(beta0, betal, beta2, beta3, betad, betaS, betad, beta7, betad))
> names(odds_ratios) <- c("betad", "betal”, "beta2”, "betal”, "betai", "betas", "betag”

"betad")
> print(odds_ratios)
betad betal beta2 beta3 betad4 betas betab
15.44759204 3.34139426 0.21342116 3.57530536 0.05596523 60.77164340 2.33835037
beta7 betas

2.10129463 0.14818320
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