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Lampiran 1. Crawling data 

import tweepy 

import pandas as pd 

 

consumer_key= "QTOlFK1OwZI8p0H61ox8HhfR0" 

consumer_secret="VaU4Pfo5um4azBT51hmdPL5wJOGvwxCrxnjvxnU7HVI

rjtsCIG" 

access_token="1651121466363240449qqtDxyAb2u9cJujyajEOPlzMK5W

AFW" 

access_token_secret="elyfKRELWGgA6u2LFeoiGXbljxoALANAYTxPvoJ

DsNzMb" 

 

auth = tweepy.OAuthHandler(consumer_key, consumer_secret) 

auth.set_access_token(access_token, access_token_secret) 

api = tweepy.API(auth, wait_on_rate_limit=True) 

 

num_needed = 50  

tweet_list = []  

user_list = [] 

screen_name_list = [] 

tw_id = [] 

last_id = -1  

while len(tweet_list) < num_needed: 

    try: 

        new_tweets = api.search_tweets(q = 'puan', count = 

num_needed, max_id = str(last_id - 1), lang = 'id', tweet_mode 

= 'extended')  

    except tweepy.errors.TweepyException as e: 

        print("Error", e) 

        break 

    else: 

        if not new_tweets: 

            print("Tidak ada tweet lagi!") 

            break 

        else: 

            for tweet in new_tweets: 

                user_name = tweet.author.name 

                tweet_text = tweet.full_text 

                tweet_list.append(tweet_text) 

                user_list.append(user_name) 

                tw_id.append(tweet.id) 

    last_id = min(tw_id) 

df = pd.DataFrame({'Username':user_list, 

                   'Tweets':tweet_list}) 

df = df.drop_duplicates() 
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Lampiran 2. Preprocessing data 

#cleaning 

def remove(Tweets): 

    Tweets = re.sub(r'\$\w*', '', str(Tweets)) 

    Tweets = Tweets.strip() 

    Tweets = re.sub(r"\d+", "", Tweets) 

    Tweets = re.sub(r'https?:\/\/.*[\r\n]*', '', Tweets) 

    Tweets = re.sub(r',','',Tweets) 

    Tweets = re.sub(r'#', '', Tweets) 

    Tweets = re.sub(r"@\S+", "", Tweets) 

    Tweets = re.sub(r"RT", "", Tweets) 

    Tweets = re.sub(r"(@[A-Za-z0-9]+)|([^0-9A-Za-z 

\t])|(\w+:\/\/\S+)"," ",Tweets) 

    return Tweets 

df['Cleaning'] =  df['Tweets'].apply(remove) 

 

#Case Folding 

def caseFolding(Tweets): 

    Tweets = Tweets.lower() 

    return Tweets 

df['Case_Folding'] = df['Cleaning'].apply(caseFolding) 

 

#Tokenizing 

def tokenization(Tweets): 

  Tweets = re.split('\W+', Tweets) 

  return Tweets 

df['Tokenizing'] = df['Case_Folding'].apply(tokenization) 

 

#Stopword Removal 

wordtext = stopwords.words('indonesian') 

wordtext.extend(['puan','yg', 'utk', 'cuman', 'deh', 'Btw', 

'tapi', 'gua', 'ah', 'gue', 'lo', 'lu', 'kalo', 'trs', 'jd', 

'nih', 'ntar', 'nya', 'lg', 'gk', 'dpt', 'dr', 'kpn', 'kok', 

'kyk', 'donk', 'yah', 'u', 'aamiin', 'amin', 'ya', 'ga', 'km', 

'usah', 'eh', 'sih', 'bang', 'br', 'kyk', 'rp', 'kan', 'gpp', 

'sm', 'mas', 'sob', 'mbak', 'bang', 'cak', 'ato', 'jg','gw', 

'wkwkwk', 'btw', 'eh', 'hahaha', 'tuh', 'kan', 'gaes', 

'guys', 'moga', 'yuk', 'ew', 'loh', 'sebenarnya', 'org', 

'gtu', 'ku', 'wakakaka', 'sihh', 'hehehe', 'ttg', 

'kmna','dah', 'tuh', 'kek', 'ko', 'pd', 'mah', 'noh', 'cm', 

'sy', 'ya', 'trs', 'dah', 'nih', 'bu', 'mbak', 'ah', 'ih', 

'yah', 'aa', 'aah', 'aahh', 'ab', 'abal', 'abai', 'abangan', 

'nah']) 

list_stopword = set(wordtext) 

def stopwords(Tweets): 
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 Tweets = [word for word in Tweets if word not in 

list_stopword] 

 Tweets = " ".join(Tweets) 

 return Tweets 

df['Stopword_Remov'] = df['Tokenizing'].apply(stopwords) 

 

#Stemming 

import nltk 

from Sastrawi.Stemmer.StemmerFactory import StemmerFactory 

 

factory = StemmerFactory() 

stemmer = factory.create_stemmer() 

 

def stemming(Tweets): 

    words = nltk.word_tokenize(Tweets) 

    stemmed_words = [stemmer.stem(word) for word in words] 

    stemmed_tweets = " ".join(stemmed_words) 

    return stemmed_tweets 

df['Stemming'] = df['Stopword_Remov'].apply(stemming) 
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Lampiran 3. Bernoulli naive bayes 

class BernoulliNaiveBayes: 

    def __init__(self):  

        self.prior = None 

        self.likelihood = None 

 

    def fit(self, X, y):  

        num_samples, num_features = X.shape  

        self.prior = {}  

        self.likelihood = {}  

 

        unique_classes, class_counts = np.unique(y, 

return_counts=True) 

        total_samples = num_samples 

        for class_, count in zip(unique_classes, 

class_counts): 

            self.prior[class_] = count / total_samples 

        for class_ in unique_classes: 

            class_samples = X[y == class_] 

            self.likelihood[class_] = 

(class_samples.sum(axis=0) + 1) / (class_samples.shape[0] + 2)  

 

    def predict(self, X):  

        num_samples, num_features = X.shape  

        predictions = [] 

 

        for i in range(num_samples): 

            probs = {}  

            for class_, prior in self.prior.items(): 

                likelihood = self.likelihood[class_] 

                log_likelihood = np.log(likelihood) 

                log_likelihood_complement = np.log(1 - 

likelihood) 

 

                log_probs = (X[i] * log_likelihood) + ((1 - 

X[i]) * log_likelihood_complement) 

                log_posterior = np.log(prior) + 

log_probs.sum() 

                

                probs[class_] = log_posterior 

 

            prediction = max(probs, key=probs.get) 

            predictions.append(prediction) 

             

 

        return predictions 
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# Train the Bernoulli Naive Bayes model 

bnb_clf = BernoulliNaiveBayes() 

bnb_clf.fit(X_train, y_train) 

 

#predict 

predictions_test = bnb_clf.predict(X_test) 

print('Classification Report for Bernoulli Naive 

Bayes:\n',classification_report(y_test, predictions_test)) 

 

cm_test = confusion_matrix(y_test, predictions_test) 

disp_test = ConfusionMatrixDisplay(confusion_matrix=cm_test) 

disp_test.plot() 
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Lampiran 4. False negative 

No 
Label 

Sebenarnya 

Label 

Prediksi 
Cuitan False Negative 

1 1 0 marah2 mulu lu kek puan 

2 1 0 prabowo puan .. najis 

3 1 0 di ketiak mba puan 

4 1 0 
oleh anjing2 ini, negara dibuat kaya milik 

bapaknya puan 

5 1 0 

hari ini mic dimatiin, pas puan jadi presiden di 

planet cybertron nanti, apakah rakyat cybertron 

yang mengkritik akan dimatikan? 

6 1 0 
pdip yang kesulitan mau angkat puan maharani 

yang miskin prestasi 

7 1 0 
beri puan satu pemudi nisacaya mic akan dia 

matikan (konoha hero) 

8 1 0 

Kerjaan buzzer "dukung puan presiden". Akibat 

pencitraan blunder, akhirnya naikin trending ke 

twitter wkwkwkk. Si duta Mic.. Lu sudah di 

mute sm masyarakat 

9 1 0 

musim kemarau bayarin org nganggur. rejeki 

rara maharani. kontrak lima tahun. setahun kerja 

tiga bulan. mending si rara dari pada si puan bisa 

gak dikontrak buat datangkan angin ribut, agar 

pemilu ditunda 

10 1 0 peni puan emang 

11 1 0 

Modalnya puan itu doang untuk jadi poli tikus, 

jualan nama kakek sama emaknya....keahlian 

khususnya cuma matiin mic 

12 1 0 
PDI lu yak? Ajg, relawan Puan (Dibaca: dewi yg 

baru lahir) dia bro @kbpras , kcau 

13 1 0 @03__nakula Puan donk si tukang matiin mic.. 
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Lampiran 5. True positive 

No 
Label 

Sebenarnya 

Label 

Prediksi 
Cuitan True Positive 

1 1 1 

@democrazymedia AQ berlindung kepada 

Allah,supaya kamu puan jangan sampai jadi 

presiden RI, kalaupun kau jadi presiden RI,itu hasil 

curang, memalsukan segalanya dengan cuan, 

Nauzubillah semoga Allah melindungi negara 

ini,dari iblis yg satu ini 

2 1 1 

@Catatan_ali7 Ngomong apa kau buzzer kontol 

terus yg boleh ganjar, yg boleh puan yg boleh 

prabowo dan cak imin, yg boleh ketua umum 

golkar. Lbh baik loe masuk kandang babi aja. 

Buzzer kontol kayak kau lbh bagus mati 

3 1 1 @puanmaharani_ri puan nih politik identitas 

4 1 1 PUAN Pengkhianat Rakyat, 

5 1 1 

Mengkhayal aja terus , mumpung musim hujan, itu 

hak mu, yg pasti pdip ga bakal usung ganjar yg ga 

kerja apa2 selain main medsos, itu kata orabg pdip 

sendiri ya, mba puan sendiri yg bilang.. 

6 1 1 
RT @mysteriusbaby: Puan Next President bisa 

bisanya trending, buzzer lagi bekerja keras ya bun 

7 1 1 
@kolonigigs_ ngak usah pencitraan sok merakyat 

kelihatan palsunya. 

8 1 1 

Awalnya bu puan bagi2 ke segelintir rakyat ntar 

kalo jadi uang rakyat di embat sebanyak banyaknya 

WKWKWKW.. https://t.co/P2XnZ3khvf 

9 1 1 

@musniumar Musni munafik pintar klau ngomong 

emang jagoanmu Anis munapik takut kalah sama 

pak Ganjar dipilpres kok kamu mendukung puan 

maju dipilpres.klau puan maju pasti ulama kadrun 

keluarkan fatwa haram hukumnya pilih pemimpin 

wanita. Salam air hujan m 
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Lampiran 6. Berita acara seminar hasil 
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Lampiran 7. Berita acara ujian skripsi 
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Lampiran 8. Lembar perbaikan skripsi 

 

 


