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LAMPIRAN 

1. Data Pejalan Kaki di Jembatan Brooklyn 

https://drive.google.com/drive/folders/1aRIAMRwLEM4C2R1R7iDz8SuxaoJ2

1pCV?usp=sharing 

2. Coding Decision Tree  

 Hour_1 

 

 Hour_2

 

 Hour_3
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 Temperature_1

 

 Temperature_2

 

3. Coding Random Forest 

 Hour_1 

import pandas as pd 

import numpy as np 

dataset = pd.read_excel("Hour_1.xlsx") 

dataset.head() 

dataset.isnull().sum() 

dataset.dropna(axis = 0, inplace = True) 

dataset.isnull().sum() 

dataset.head() 

dataset.drop(['Location'], axis=1, inplace=True) 

dataset.drop(['Towards Manhattan'], axis=1, inplace=True) 

dataset.drop(['Towards Brooklyn'], axis=1, inplace=True) 

dataset.drop(['Weather_Summary'], axis=1, inplace=True) 

dataset.drop(['Lat'], axis=1, inplace=True) 

dataset.drop(['Long'], axis=1, inplace=True) 

dataset.drop(['Location.1'], axis=1, inplace=True) 
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dataset.drop(['Date'], axis=1, inplace=True) 

import matplotlib.pyplot as plt 

get_ipython().run_line_magic('matplotlib', 'inline') 

#Define dependet variable 

Y = dataset['Pedestrians'].values 

#Define Independent variable 

X = dataset.drop(labels= ['Pedestrians'],axis=1) 

#split data into train and test datasets 

from sklearn.model_selection import train_test_split 

X_train, X_test, Y_train, Y_test = train_test_split(X, Y, 

test_size=0.4,random_state=20) 

from sklearn.ensemble import RandomForestRegressor 

model= RandomForestRegressor(n_estimators =150 , random_state=1) 

rgs= model.fit(X_train, Y_train) 

print (X_test, Y_test) 

predict_test = model.predict(X_test) 

print(predict_test) 

model.score(X_test, Y_test) 

from sklearn import tree 

rgs.estimators_ 

# Limit depth of tree to 3 levels 

rf_small = RandomForestRegressor(n_estimators=150, max_depth = 3) 

rf_small.fit(X_train, Y_train) 

plt.figure(figsize= (20,15)) 

tree.plot_tree(rf_small.estimators_[149],filled=True) 

plt.show() 

importances = list(rgs.feature_importances_) 

feature_importances = [(feature, round(importance, 2)) for feature, 

importance in zip(X, importances)] 
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feature_importances = sorted(feature_importances, key = lambda x: 

x[1], reverse = True) 

[print('Variable: {:20} Importance: {}'.format(*pair)) for pair in 

feature_importances]; 

 Hour_2 

import pandas as pd 

import numpy as np 

dataset = pd.read_excel("Hour_2.xlsx") 

dataset.head() 

dataset.isnull().sum() 

dataset.dropna(axis = 0, inplace = True) 

dataset.isnull().sum() 

dataset.head() 

dataset.drop(['Towards Manhattan'], axis=1, inplace=True) 

dataset.drop(['Towards Brooklyn'], axis=1, inplace=True) 

dataset.drop(['Weather_Summary'], axis=1, inplace=True) 

dataset.drop(['Lat'], axis=1, inplace=True) 

dataset.drop(['Long'], axis=1, inplace=True) 

dataset.drop(['Hour'], axis=1, inplace=True) 

dataset.drop(['Location.1'], axis=1, inplace=True) 

dataset.drop(['Location'], axis=1, inplace=True) 

import matplotlib.pyplot as plt 

get_ipython().run_line_magic('matplotlib', 'inline') 

#Define dependet variable 

Y = dataset['Pedestrians'].values 

#Define Independent variable 

X = dataset.drop(labels= ['Pedestrians'],axis=1) 

#split data into train and test datasets 

from sklearn.model_selection import train_test_split 
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X_train, X_test, Y_train, Y_test = train_test_split(X, Y, 

test_size=0.5,random_state=20) 

from sklearn.ensemble import RandomForestRegressor 

model= RandomForestRegressor(n_estimators =150 , random_state=1) 

rgs= model.fit(X_train, Y_train) 

print (X_test, Y_test) 

model.score(X_test, Y_test) 

from sklearn import tree 

rgs.estimators_ 

# Limit depth of tree to 3 levels 

rf_small = RandomForestRegressor(n_estimators = 150, max_depth = 

3) 

rf_small.fit(X_train, Y_train) 

tree_small = rf_small.estimators_[10] 

print(tree_small) 

plt.figure(figsize = (20,15)) 

tree.plot_tree(rf_small.estimators_[149],filled = True) 

plt.show() 

importances = list(rgs.feature_importances_) 

feature_importances = [(feature, round(importance, 2)) for feature, 

importance in zip(X, importances)] 

feature_importances = sorted(feature_importances, key = lambda x: 

x[1], reverse = True) 

[print('Variable: {:20} Importance: {}'.format(*pair)) for pair in 

feature_importances]; 
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 Hour_3 

import pandas as pd 

import numpy as np 

dataset = pd.read_excel("Hour_3.xlsx") 

dataset.head() 

dataset.isnull().sum() 

dataset.dropna(axis = 0, inplace = True) 

dataset.isnull().sum() 

dataset.head() 

dataset.drop(['Towards Manhattan'], axis=1, inplace=True) 

dataset.drop(['Towards Brooklyn'], axis=1, inplace=True) 

dataset.drop(['Weather_Summary'], axis=1, inplace=True) 

dataset.drop(['Lat'], axis=1, inplace=True) 

dataset.drop(['Long'], axis=1, inplace=True) 

dataset.drop(['Location'], axis=1, inplace=True) 

dataset.drop(['Location.1'], axis=1, inplace=True) 

dataset.drop(['Hour1'], axis=1, inplace=True) 

import matplotlib.pyplot as plt 

get_ipython().run_line_magic('matplotlib', 'inline') 

#Define dependet variable 

Y = dataset['Pedestrians'].values 

#Define Independent variable 

X = dataset.drop(labels= ['Pedestrians'],axis=1) 

#split data into train and test datasets 

from sklearn.model_selection import train_test_split 

X_train, X_test, Y_train, Y_test = train_test_split(X, Y, test_size = 

0.4,random_state = 20) 

print (X_test, Y_test) 

predict_test = model.predict(X_test) 

print(predict_test) 
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model.score(X_test, Y_test) 

from sklearn import tree 

rgs.estimators_  

# Limit depth of tree to 3 levels 

rf_small = RandomForestRegressor(n_estimators=150, max_depth =3) 

rf_small.fit(X_train, Y_train) 

tree_small = rf_small.estimators_[10] 

print(tree_small) 

plt.figure(figsize= (20,15)) 

tree.plot_tree(rf_small.estimators_[149],filled=True) 

plt.show() 

importances = list(rgs.feature_importances_) 

feature_importances = [(feature, round(importance, 2)) for feature, 

importance in zip(X, importances)] 

feature_importances = sorted(feature_importances, key = lambda x: 

x[1], reverse = True) 

[print('Variable: {:20} Importance: {}'.format(*pair)) for pair in 

feature_importances]; 

 Temperature_1 

import pandas as pd 

import numpy as np 

dataset = pd.read_excel("Temperature_1.xlsx") 

dataset.head() 

dataset.isnull().sum() 

dataset.dropna(axis = 0, inplace = True) 

dataset.isnull().sum() 

dataset.drop(['Towards Manhattan'], axis=1, inplace=True) 

dataset.drop(['Towards Brooklyn'], axis=1, inplace=True) 

dataset.drop(['Weather_Summary'], axis=1, inplace=True) 

dataset.drop(['Lat'], axis=1, inplace=True) 
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dataset.drop(['Long'], axis=1, inplace=True) 

dataset.drop(['Location'], axis=1, inplace=True) 

dataset.drop(['Location.1'], axis=1, inplace=True) 

dataset.drop(['Hour1'], axis=1, inplace=True) 

import matplotlib.pyplot as plt 

get_ipython().run_line_magic('matplotlib', 'inline') 

#Define dependet variable 

Y = dataset['Pedestrians'].values 

#Define Independent variable 

X = dataset.drop(labels=['Pedestrians'],axis=1) 

dataset.head() 

#split data into train and test datasets 

from sklearn.model_selection import train_test_split 

X_train, X_test, Y_train, Y_test = train_test_split (X, Y, test_size = 

0.4 ,random_state = 20) 

from sklearn.ensemble import RandomForestRegressor 

model= RandomForestRegressor(n_estimators =150 , random_state=1) 

rgs= model.fit(X_train, Y_train) 

print (X_test, Y_test) 

predict_test = model.predict(X_test) 

print(predict_test) 

model.score(X_test, Y_test) 

from sklearn import tree 

rgs.estimators_ 

# Limit depth of tree to 3 levels 

rf_small = RandomForestRegressor(n_estimators= 150, max_depth =  3) 

rf_small.fit(X_train, Y_train) 

plt.figure(figsize=(20,15)) 

tree.plot_tree(rf_small.estimators_[149],filled=True) 

plt.show() 
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importances = list(rgs.feature_importances_) 

feature_importances = [(feature, round(importance, 2)) for feature, 

importance in zip(X, importances)] 

[print('Variable: {:20} Importance: {}'.format(*pair)) for pair in 

feature_importances]; 

 Temperature_2 

import pandas as pd 

import numpy as np 

dataset = pd.read_excel("Temperature_2.xlsx") 

dataset.head() 

dataset.isnull().sum() 

dataset.dropna(axis = 0, inplace = True) 

dataset.isnull().sum() 

dataset.drop(['Lat'], axis=1, inplace=True) 

dataset.drop(['Long'], axis=1, inplace=True) 

dataset.drop(['Location'], axis=1, inplace=True) 

dataset.drop(['Location.1'], axis=1, inplace=True) 

dataset.drop(['Hour'], axis=1, inplace=True) 

dataset.drop(['date'], axis=1, inplace=True) 

import matplotlib.pyplot as plt 

get_ipython().run_line_magic('matplotlib', 'inline') 

#Define dependet variable 

Y = dataset['Pedestrian'].values 

#Define Independent variable 

X = dataset.drop(labels= ['Pedestrian'],axis=1) 

dataset.head() 

#split data into train and test datasets 

from sklearn.model_selection import train_test_split 

X_train, X_test, Y_train, Y_test = train_test_split(X, Y, test_size = 0.4, 

random_state = 20) 
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from sklearn.ensemble import RandomForestRegressor 

model=  RandomForestRegressor(n_estimators = 150 , random_state = 

1) 

rgs=  model.fit(X_train, Y_train) 

print (X_test, Y_test) 

predict_test = model.predict(X_test) 

print(predict_test)  

model.score(X_test, Y_test) 

from sklearn import tree 

rgs.estimators_ 

# Limit depth of tree to 3 levels 

rf_small = RandomForestRegressor(n_estimators = 150, max_depth = 

3) 

rf_small.fit(X_train, Y_train) 

plt.figure(figsize = (20,15)) 

tree.plot_tree(rf_small.estimators_[149],filled=True) 

plt.show() 

importances = list(rgs.feature_importances_) 

feature_importances = [(feature, round(importance, 2)) for feature, 

importance in zip(X, importances)] 

[print('Variable: {:20} Importance: {}'.format(*pair)) for pair in 

feature_importances]; 

4. Coding Generalized Linear Model 

 Hour_1 

 

 Hour_2 
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 Hour_3 

 

 Temperature_1 

 

 Temperature_2 

 

 

 

 

 

 

 


