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LAMPIRAN 

1. Dataset 

Link dataset penelitian dapat diakses pada link berikut ini 

www.kaggle.com/ahmadkurniawansyarif/chillis-leaf-white-backgroud-

cropped 

 

2. Proses Training dan Validasi 

 

Epoch 1/30 

18/18 [==============================] - 41s 2s/step - loss: 1.1112 

- accuracy: 0.4667 - val_loss: 0.9580 - val_accuracy: 0.6333 

Epoch 2/30 

18/18 [==============================] - 12s 675ms/step - loss: 

0.9608 - accuracy: 0.5944 - val_loss: 0.8695 - val_accuracy: 0.7000 

Epoch 3/30 

18/18 [==============================] - 12s 671ms/step - loss: 

0.8917 - accuracy: 0.6778 - val_loss: 0.8072 - val_accuracy: 0.7667 

Epoch 4/30 

18/18 [==============================] - 12s 666ms/step - loss: 

0.8678 - accuracy: 0.6944 - val_loss: 0.7587 - val_accuracy: 0.8000 

Epoch 5/30 

18/18 [==============================] - 12s 672ms/step - loss: 

0.8000 - accuracy: 0.7944 - val_loss: 0.7150 - val_accuracy: 0.8500 

Epoch 6/30 

18/18 [==============================] - 12s 666ms/step - loss: 

0.7752 - accuracy: 0.7722 - val_loss: 0.6769 - val_accuracy: 0.8833 

Epoch 7/30 

18/18 [==============================] - 12s 673ms/step - loss: 

0.7055 - accuracy: 0.8444 - val_loss: 0.6464 - val_accuracy: 0.8833 

Epoch 8/30 

18/18 [==============================] - 12s 664ms/step - loss: 

0.6907 - accuracy: 0.8611 - val_loss: 0.6205 - val_accuracy: 0.9000 

Epoch 9/30 

18/18 [==============================] - 12s 667ms/step - loss: 

0.6583 - accuracy: 0.8444 - val_loss: 0.5995 - val_accuracy: 0.9000 

Epoch 10/30 

18/18 [==============================] - 12s 672ms/step - loss: 

0.6046 - accuracy: 0.9222 - val_loss: 0.5790 - val_accuracy: 0.9167 

Epoch 11/30 

18/18 [==============================] - 12s 673ms/step - loss: 

0.6239 - accuracy: 0.8889 - val_loss: 0.5622 - val_accuracy: 0.9167 

Epoch 12/30 



82 
 

18/18 [==============================] - 12s 665ms/step - loss: 

0.5934 - accuracy: 0.8889 - val_loss: 0.5472 - val_accuracy: 0.9167 

Epoch 13/30 

18/18 [==============================] - 12s 671ms/step - loss: 

0.5715 - accuracy: 0.9111 - val_loss: 0.5340 - val_accuracy: 0.9167 

Epoch 14/30 

18/18 [==============================] - 12s 668ms/step - loss: 

0.5804 - accuracy: 0.9000 - val_loss: 0.5231 - val_accuracy: 0.9167 

Epoch 15/30 

18/18 [==============================] - 12s 669ms/step - loss: 

0.5727 - accuracy: 0.9056 - val_loss: 0.5124 - val_accuracy: 0.9333 

Epoch 16/30 

18/18 [==============================] - 12s 669ms/step - loss: 

0.5306 - accuracy: 0.9444 - val_loss: 0.5030 - val_accuracy: 0.9333 

Epoch 17/30 

18/18 [==============================] - 12s 666ms/step - loss: 

0.5266 - accuracy: 0.9556 - val_loss: 0.4932 - val_accuracy: 0.9500 

Epoch 18/30 

18/18 [==============================] - 12s 665ms/step - loss: 

0.5498 - accuracy: 0.9167 - val_loss: 0.4850 - val_accuracy: 0.9500 

Epoch 19/30 

18/18 [==============================] - 12s 664ms/step - loss: 

0.5204 - accuracy: 0.9167 - val_loss: 0.4769 - val_accuracy: 0.9500 

Epoch 20/30 

18/18 [==============================] - 12s 672ms/step - loss: 

0.5119 - accuracy: 0.9222 - val_loss: 0.4712 - val_accuracy: 0.9500 

Epoch 21/30 

18/18 [==============================] - 12s 674ms/step - loss: 

0.5100 - accuracy: 0.9389 - val_loss: 0.4650 - val_accuracy: 0.9500 

Epoch 22/30 

18/18 [==============================] - 12s 670ms/step - loss: 

0.4799 - accuracy: 0.9500 - val_loss: 0.4601 - val_accuracy: 0.9500 

Epoch 23/30 

18/18 [==============================] - 12s 676ms/step - loss: 

0.4755 - accuracy: 0.9500 - val_loss: 0.4556 - val_accuracy: 0.9500 

Epoch 24/30 

18/18 [==============================] - 12s 668ms/step - loss: 

0.4740 - accuracy: 0.9389 - val_loss: 0.4514 - val_accuracy: 0.9500 

Epoch 25/30 

18/18 [==============================] - 12s 669ms/step - loss: 

0.5064 - accuracy: 0.8944 - val_loss: 0.4469 - val_accuracy: 0.9500 

Epoch 26/30 

18/18 [==============================] - 12s 669ms/step - loss: 

0.4742 - accuracy: 0.9611 - val_loss: 0.4442 - val_accuracy: 0.9500 

Epoch 27/30 
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18/18 [==============================] - 12s 664ms/step - loss: 

0.4761 - accuracy: 0.9222 - val_loss: 0.4407 - val_accuracy: 0.9500 

Epoch 28/30 

18/18 [==============================] - 12s 668ms/step - loss: 

0.4466 - accuracy: 0.9667 - val_loss: 0.4374 - val_accuracy: 0.9500 

Epoch 29/30 

18/18 [==============================] - 12s 674ms/step - loss: 

0.4560 - accuracy: 0.9444 - val_loss: 0.4339 - val_accuracy: 0.9500 

Epoch 30/30 

18/18 [==============================] - 12s 674ms/step - loss: 

0.4855 - accuracy: 0.9222 - val_loss: 0.4304 - val_accuracy: 0.9500 

 

Time:  0:08:54.171741 
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