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Lampiran 1. Data Jumlah Kematian Bayi
Mempengaruhinya di Sulawesi Selatan Tahun 2017
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dan Faktor-Faktor yang

Kab/Kota y X1 X2 X3 X4 Xs5
Kep. Selayar 11 78 955 407 1995 1884
Bulukumba 50 296 3929 2562 5795 6309
Bantaeng 1 100 1660 983 3372 3345
Jeneponto 91 243 167 1282 5994 6397
Takalar 31 172 2941 1503 5209 5739
Gowa 75 262 7405 | 12645 | 13699 | 12579
Sinjai 71 273 3711 3108 3741 4056
Maros 40 238 3183 3043 6457 5637
Pangkep 58 202 2368 2071 4478 5162
Barru 24 46 2166 1343 2953 3036
Bone 77 271 6768 2968 | 12650 | 13389
Soppeng 38 169 2490 967 2767 2867
Wajo 39 361 2896 2262 6556 6668
Sidrap 23 299 2489 268 3483 5470
Pinrang 41 216 4644 2287 0 6889
Enrekang 55 167 1893 2365 3424 3349
Luwu 75 196 3306 2046 6781 6528
Tana Toraja 23 111 1903 988 3975 3857
Luwu Utara 73 275 5071 4074 5038 5109
Luwu Timur 34 205 2664 1693 5699 5719
Toraja Utara 36 126 2435 1726 3879 3935
Makassar 41 846 24094 | 15960 | 26715 | 25946
Pare-Pare 30 163 2191 785 3541 2736
Palopo 22 91 1497 607 3139 2956

Keterangan:

y: Jumlah Kematian Bayi

X1: Jumlah Bayi dengan Berat Badan Lahir Rendah
X2: Jumlah Bayi yang Mendapatkan Vitamin A

x3: Jumlah Bayi yang diberi ASI Eksklusif

X4: Jumlah Bayi yang diberi Imunisasi Lengkap

Xs: Jumlah Ibu Bersalin yang ditolong Tenaga Medis
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Lampiran 2. Hasil Output untuk Uji Kecocokan Distribusi Poisson

= ks.test(y, “ppois”, lambda = 44, alternative = "two.sided")
one-sample Kolmogorowv-smirnov test

data: vy
D = 0.30832, p-value = 0.020886
alternative hypothesis: two-sided
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Lampiran 3. Hasil Output untuk Estimasi Parameter dan Nilai GCV dalam
Pemodelan Simultan Orde 1 dengan 1 Titik Knot

> Estimasil <- gIm(y ~ x1+r[,3]4+x24+r[,53]+x3+r[,7]+x44r[,2]+x5+4r[,11], data = datal, family = poisson())
> summary(Estimasil)

call:
gim{formula = yv ~ x1 + r[, 3] + x2 + r[, 5] + x3 + r[, 7] + x4 +
r[, 91 + x5 + r[, 11], family = poisson(), data = datal)

Deviance Residuals:
Mmin 10 Median 3Q Max
-6.0998 -0.8956 0.1126 0.9703 3.0032

Coefficients:
Estimate std. Error z value pPri=|z|)

(Intercept) 2.324e:00 1.647e-01 14.109 < Ze-16 wwx
x1 4.568e-03 9.497e-04 4.811 1.51e-06 wwx
rl, 31 -1.483e-02 2.6692-03 -5.356 2.76e-08 wiw
x2 -1.523e-04 9.793e-05 -1.555 0.11994
r[, sl 5.033e-05 6.995e-04 0.072 0.94264

X3 2.056e-04 7.146e-05  2.877 0.00402 »x
rl, 71 -1.009e-03 4.762e-04 -2.593 0.00952 wx
x4 4,222e-05 3.273e-05 1.290 0.19707

rl, 9] 2.274e-03 1.991e-03 1.142 0.25339

X5 8.77%e-05 4.596e-05 1.910 0.03612

r[, 11] -1.638e-03 1.025e-03 -1.398 0.11004
signif. codes: 0 "##%' 0,001 ‘#+*' Q.01 ‘*' 0.05 '.' 0.1 ° " 1

(Dispersion parameter for poisson family taken to be 1)

Null deviance: 309.88 on 23 degrees of freedom
Residual deviance: 106.50 on 13 degrees of freedom
AIC: 258.2

Number of Fisher scoring iterations: 4

beta «- as.matrix(Estimasilfcoefficients)
fawal<- exp(r¥*xbeta)
aknot=- r#*%Empi (t(r)sesxr)Essxrir)
MSE <- (t(y-Tawal)z=x{y-fawall})/n
GOV <- MSE/(1-({({1/n)*sum({diag{aknot)))ir2
GCY

[.,1]

[1,] 564.085%

WOWOW OV Y Y
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Lampiran 4. Hasil Output untuk Uji Likelihood Ratio dan Uji Wald dalam
Pemodelan Simultan Orde 1 dengan 1 Titik Knot

= Tibrary(Imtest)

= Trrest(gimiy~1, family = poisson()),gIm(y ~ x1+r[,3]+x2+r[,5]+x3+r[,7]+xd+r[,9]+x5+r[,11], data = datal,
family = poisson()))

Likelihood ratio test

Model 1: y ~ 1
Model 2: vy ~ x1 + r[, 3] + x2 + r[, 5] + x3 + r[, 7] + x4 + r[, 9] + x5 +
r[, 11]
#Df LogLik Df chisq Pri=Chisq)
1 1 -219.79
2 11 -118.10 10 203.38 <« 2.2e-16 #=%¥

signif. codes: @ **¥=' Q0.001 ‘**' 0.01 **" Q.03 '." 0.1 ° "1

> Estimasil =- gIm{y ~ x1+r[,3]+x2+r[,5]+x3+r[,7]1+x4+r[,9]+x5+r[,11], data = datal, family = poisson())
> summary(Estimasil)

call:
gim(formula =y ~ x1 + r[, 3] + x2 + r[, 5] + x3 =+ r[, 7] + x4 +
r[, 91 + %5 + r[, 11], family = poisson(), data = datal)

Deviance residuals:
Min 1la Median 30 Max
-6.0998 -0.8936 0.1126 0.9703 3.0032

Coefficients:
Estimate std. Error z value Pr(=|z|)

(Intercept) 2.324e+00 1.647e-01 14.109 < 2e-16 #wx
x1 4,.568e-03 9.4587e-04 4,811 1.51e-06 www
r[, 31 -1.483e-02 2.669e-03 -5.556 2.76e-08 www
x2 -1.523e-04 9.793e-05 -1.555 0.11994

rf, 5] 5.033e-05 6.995e-04 0.072 0.94264

x3 2.056e-04 7.146e-05  2.877 0.00402 #x
rl, 7] -1.009e-03 4.762e-04 -2.593 0.00952 u=
x4 4,222e-05 3.273e-05 1.290 0.19707

rf, 9] 2.274e-03 1.991e-03 1.142 0.25339

X3 8.779%e-05 4.596e-05 1.910 0.035612

r[, 11] -1.638e-03 1.025e-03 -1.3598 0.11004
signif. codes: 0 '##%’ 0,001 ‘#*+*' 0.01 ‘*' 0.05 '.' 0.1 ° * 1

(Dispersion parameter for poisson family taken to be 1)

Null deviance: 309.88 on 23 degrees of freedom
rResidual deviance: 106.50 on 13 degrees of freedom
AIC: 258.2

Number of Fisher Scoring iterations: 4
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