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LAMPIRAN 

 
Lampiran 1  Beberapa contoh Dataset Primer 
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Lampiran 2  Source Code 
 
File Model YOLOv8 
 

 
!nvidia-smi 
 
import os 
HOME = os.getcwd() 
print(HOME) 
 
# Pip install method (recommended) 
 
!pip install ultralytics==8.0.20 
 
from IPython import display 
display.clear_output() 
 
import ultralytics 
ultralytics.checks() 
 
# %cd {HOME} 
# !git clone github.com/ultralytics/ultralytics 
# %cd {HOME}/ultralytics 
# !pip install -e . 
 
# from IPython import display 
# display.clear_output() 
 
# import ultralytics 
# ultralytics.checks() 
 
from ultralytics import YOLO 
 
from IPython.display import display, Image 
 
!mkdir {HOME}/datasets 
# %cd {HOME}/datasets 
 
!pip install roboflow 
 
from roboflow import Roboflow 
rf = Roboflow(api_key="EoHPhIblkojK2pi9PrA4") 
project = rf.workspace("unhas-qvw0h").project("plastic-bottle-waste") 
dataset = project.version(28).download("yolov8") 
 
# %cd {HOME} 
 
!yolo task=detect mode=train model=yolov8s.pt data={dataset.location}/data.yaml 
epochs=25 imgsz=640 plots=True 
 
!ls {HOME}/runs/detect/train/ 
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# %cd {HOME} 
Image(filename=f'{HOME}/runs/detect/train/confusion_matrix.png', width=600) 
 
# %cd {HOME} 
Image(filename=f'{HOME}/runs/detect/train/results.png', width=600) 
 
# %cd {HOME} 
Image(filename=f'{HOME}/runs/detect/train/val_batch0_pred.jpg', width=600) 
 
# %cd {HOME} 
 
!yolo task=detect mode=val model={HOME}/runs/detect/train/weights/best.pt 
data={dataset.location}/data.yaml 
 
# %cd {HOME} 
!yolo task=detect mode=predict model={HOME}/runs/detect/train/weights/best.pt conf=0.25 
source={dataset.location}/test/images save=True 
 
import glob 
from IPython.display import Image, display 
 
for image_path in glob.glob(f'{HOME}/runs/detect/predict/*.jpg'): 
      display(Image(filename=image_path, width=600)) 
      print("\n") 
 
from google.colab import drive 
drive.mount('/content/drive') 
 
project.version(dataset.version).deploy(model_type="yolov8", 
model_path=f"{HOME}/runs/detect/train2/") 
 
# #load model 
# model = project.version(dataset.version).model 
 
# #choose random test set image 
# import os, random 
# test_set_loc = dataset.location + "/test/images/" 
# random_test_image = random.choice(os.listdir(test_set_loc)) 
# print("running inference on " + random_test_image) 
 
# pred = model.predict(test_set_loc + random_test_image, confidence=40, 
overlap=30).json() 
# pred 
 

 
File  Deploy Model YOLOv8 
 

from ultralytics import YOLO 
from ultralytics.yolo.v8.detect.predict import DetectionPredictor 
import cv2 
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# model = YOLO("D:\ultralytics-8.0.119\ecaa.pt") 
model = YOLO("/Users/muhammadrezaldi/Downloads/ultralytics-8.0.119/ecaa.pt") 
model.predict(source="1", show=True,conf=0.5) # accepts all formats 

  
File Requirements Deploy Model 
 

 
# Base ---------------------------------------- 
matplotlib>=3.2.2 
opencv-python>=4.6.0 
Pillow>=7.1.2 
PyYAML>=5.3.1 
requests>=2.23.0 
scipy>=1.4.1 
torch>=1.7.0 
torchvision>=0.8.1 
tqdm>=4.64.0 
 
# Logging ------------------------------------- 
# tensorboard>=2.13.0 
# dvclive>=2.11.0 
# clearml 
# comet 
 
# Plotting ------------------------------------ 
pandas>=1.1.4 
seaborn>=0.11.0 
 
# Export -------------------------------------- 
# coremltools>=6.0  # CoreML export 
# onnx>=1.12.0  # ONNX export 
# onnxsim>=0.4.1  # ONNX simplifier 
# nvidia-pyindex  # TensorRT export 
# nvidia-tensorrt  # TensorRT export 
# scikit-learn==0.19.2  # CoreML quantization 
# tensorflow>=2.4.1  # TF exports (-cpu, -aarch64, -macos) 
# tflite-support 
# tensorflowjs>=3.9.0  # TF.js export 
# openvino-dev>=2022.3  # OpenVINO export 
 
# Extras -------------------------------------- 
psutil  # system utilization 
# thop>=0.1.1  # FLOPs computation 
# ipython  # interactive notebook 
# albumentations>=1.0.3 
# pycocotools>=2.0.6  # COCO mAP 
# roboflow 
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Lampiran 3  Evaluasi model 25 Epoch di Google Colab 
 
epoc
h 

 train/box_l
oss 

  train/cls_l
oss 

 train/dfl_l
oss 

metrics/precisio
n(B) 

 metrics/recal
l(B) 

metrics/mAP5
0(B) 

metrics/mAP
50-95(B) 

  val/box_l
oss 

val/cls_lo
ss 

  val/dfl_lo
ss 

lr/pg0 lr/pg1 lr/pg2 

0 1.0227 2.3971 1.2699 0.51373 0.54919 0.53654 0.43415 1.0472 1.6216 1.2363 0.07034
9 

0.00329
46 

0.00329
46 

1 0.76916 0.99979 1.0499 0.86819 0.93492 0.96901 0.8676 0.58197 0.61773 0.87382 0.04008
6 

0.00636
54 

0.00636
54 

2 0.80845 0.94528 1.0564 0.74371 0.84167 0.86902 0.67511 876 0.88694 1.0495 0.00955
99 

0.00917
23 

0.00917
23 

3 0.83664 0.94743 1.0689 0.44503 0.67484 0.54766 0.3629 1.3589 1.8223 1.4014 0.00881
2 

0.00881
2 

0.00881
2 

4 0.86094 0.95961 1.0877 0.72711 0.7212 0.77631 0.58511 0.7649 1.2548 1.0007 0.00881
2 

0.00881
2 

0.00881
2 

5 0.84228 0.8807 1.0856 0.87202 0.90445 0.92661 0.75089 0.70908 0.71693 0.98595 0.00841
6 

0.00841
6 

0.00841
6 

6 0.80503 0.78798 1.0667 0.90644 0.84069 0.96066 0.81428 0.64554 0.64494 0.93588 0.00802 0.00802 0.00802 
7 0.78845 0.79126 1.0701 0.92842 0.94734 0.97218 0.79245 0.67191 0.59564 0.95031 0.00762

4 
0.00762
4 

0.00762
4 

8 0.7606 729 1.0566 0.87317 0.97852 0.9684 0.83938 0.50689 0.50619 0.87871 0.00722
8 

0.00722
8 

0.00722
8 

9 0.73194 0.71101 1.0304 0.93232 0.91788 0.95772 0.77163 0.69978 0.55911 0.9535 0.00683
2 

0.00683
2 

0.00683
2 

10 0.72774 0.67357 1.0323 0.92641 0.96566 0.96718 0.87813 0.46905 0.44028 0.84674 0.00643
6 

0.00643
6 

0.00643
6 

11 0.6994 0.64492 1.0211 0.94663 0.96599 0.99426 0.87547 0.56043 0.43545 0.89197 0.00604 0.00604 0.00604 
12 0.67347 0.64657 1.0021 0.95124 0.99516 0.98681 0.89849 0.48168 0.40796 0.86871 0.00564

4 
0.00564
4 

0.00564
4 

13 0.65911 0.58307 1.0054 0.96976 0.9774 0.99455 0.8919 0.49322 0.33792 0.86029 0.00524
8 

0.00524
8 

0.00524
8 

14 0.64005 0.57492 1.0007 0.98324 0.96579 0.98345 0.89399 0.47578 0.41621 0.86018 0.00485
2 

0.00485
2 

0.00485
2 
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15 0.42828 0.35891 0.85289 0.9759 0.95343 0.99235 0.85894 0.5364 0.37813 0.89267 0.00445
6 

0.00445
6 

0.00445
6 

16 0.41587 0.34476 0.85337 0.99528 0.99286 995 0.93353 0.36308 0.28622 0.81427 0.00406 0.00406 0.00406 
17 0.39501 0.31527 0.83727 0.96667 0.97922 0.99205 0.89114 0.48862 0.32833 0.8617 0.00366

4 
0.00366
4 

0.00366
4 

18 0.38293 0.30241 0.83264 0.94663 0.99552 0.99483 0.9572 0.35413 0.28392 0.80565 0.00326
8 

0.00326
8 

0.00326
8 

19 0.35537 0.28466 0.82554 0.98746 0.99838 995 0.94932 0.36473 0.25699 0.81036 0.00287
2 

0.00287
2 

0.00287
2 

20 0.34605 0.27334 0.82452 0.98082 0.97295 0.99124 0.86317 0.60219 0.36343 0.88543 0.00247
6 

0.00247
6 

0.00247
6 

21 0.32626 0.2602 0.81307 0.9954 1 995 0.94507 0.36459 0.23253 0.81336 0.00208 0.00208 0.00208 
22 0.31372 0.24194 0.81202 0.99698 1 995 0.96831 0.30702 0.20404 0.80198 0.00168

4 
0.00168
4 

0.00168
4 

23 0.30023 0.2307 0.81306 0.99749 1 995 0.96749 0.31034 0.20124 0.80288 0.00128
8 

0.00128
8 

0.00128
8 

24 0.28229 0.20808 0.80174 0.99564 1 995 0.97662 0.28356 0.18818 0.79697 0.00089
2 

0.00089
2 

0.00089
2 
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