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Lampiran 1 Surat validasi instrumen penelitian TA 
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Lampiran 2 Tampilan dataset GA dan PED 

Plant 
PR 

Number 

Item 

No of 

PR 

Acct 

Assign

. Cat 

Requiremen

t Track. No 
PR Date … 

Posting 

Date GR 

Doc. 

Amount 

Local 

Amount 

Identificat

ion 

Project 

Contract 

Date 

DR7E 1038815

9 

10 R 2100914220 11/29/20

21 

… 3/14/202

2 

3,582,54

6 

3,582,54

6 

T-2021-

DR7E-044 

12/27/202

1 

DR7E 1038815

9 

20 R 2100914222 11/29/20

21 

… 3/14/202

2 

16,057,0

14 

16,057,0

14 

T-2021-

DR7E-044 

12/27/202

1 

DR7E 1038815

9 

30 R 2100914224 11/29/20

21 

… 3/14/202

2 

1,955,57

9 

1,955,57

9 

T-2021-

DR7E-044 

12/27/202

1 

DR7E 1038815

9 

40 R 2100914226 11/29/20

21 

… 3/14/202

2 

24,203,4

09 

24,203,4

09 

T-2021-

DR7E-044 

12/27/202

1 

… … … … … … … … … … … … 

DR7E 1040649

5 

70 R 2201257156 12/26/20

22 

… 12/30/20

22 

17,286,7

73 

17,286,7

73 

T-22-

TDR7-

0289 

12/28/202

2 

Link data: https://bit.ly/3t2PbVk 

 

https://bit.ly/3t2PbVk
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Lampiran 3 Tampilan dataset SMILE 

Nama Mitra Nama proyek Jumlah 

Proyek 

Nilai Performansi 

KHS 

PT. TELKOM 

AKSES 

PT-2 8 LOP Periode 

November Area Witel 

Makassar - PT. TELKOM 

AKSES 

8 kontrak harga satuan 

Kurang memenuhi 

PT. TELKOM 

AKSES 

PT-2 8 LOP Periode 

November Area Witel 

Makassar - PT. TELKOM 

AKSES 

8 kontrak harga satuan 

Kurang memenuhi 

PT. TELKOM 

AKSES 

PT-2 8 LOP Periode 

November Area Witel 

Makassar - PT. TELKOM 

AKSES 

8 kontrak harga satuan 

Kurang memenuhi 

PT. TELKOM 

AKSES 

PT-2 8 LOP Periode 

November Area Witel 

Makassar - PT. TELKOM 

AKSES 

8 kontrak harga satuan 

Kurang memenuhi 

PT. TELKOM 

AKSES 

PT-2 8 LOP Periode 

November Area Witel 

Makassar - PT. TELKOM 

AKSES 

8 kontrak harga satuan 

Kurang memenuhi 

… … … … 

PT. TELKOM 

AKSES 

PT-2 7 LOP Periode 

November Area Witel 

Makassar - PT. TELKOM 

AKSES 

7 kontrak harga satuan 

Kurang memenuhi 

Link data: https://bit.ly/3GrZJ3m 

 

 

https://bit.ly/3GrZJ3m
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Lampiran 4 Tampilan dataset penilangan lapangan oleh Witel 

Name of 

Vendor 

Contract 

Number 

… Stok 

Material 

Jumlah 

Team 

Kerapihan 

PT. TELKOM 

AKSES 

K.TEL.010792

/HK.810/R7W

-

7A100000/202

1 

… stok 

material 

tersedia 

team 

lengkap 

rapih 

PT. TELKOM 

AKSES 

K.TEL.010792

/HK.810/R7W

-

7A100000/202

1 

… stok 

material 

tersedia 

team 

lengkap 

rapih 

PT. TELKOM 

AKSES 

K.TEL.010792

/HK.810/R7W

-

7A100000/202

1 

… stok 

material 

tersedia 

team 

lengkap 

rapih 

… … … … … … 

PT. TELKOM 

AKSES 

K.TEL.010617

/HK.810/R7W

-

7A1O0000/20

21 

… stok 

material 

tersedia 

team 

lengkap 

rapih 

Link data: https://bit.ly/3R4QIT2 

 

 

 

https://bit.ly/3R4QIT2
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Lampiran 5 Tampilan data salah prediksi dalam confusion matrix model XGBoost 

 Local 

Amount 

Jumlah 

Proyek 

Duration 

(Days) 

Masalaku nilai 

proyek 

per LoP 

… stok 

material 

tidak 

tersedia 

team 

tidak 

lengkap 

rapih tidak 

rapih 

data 

test 

data 

prediksi 

3 2,36E+08 1 44 15 2,36E+08 … 0 1 0 1 3 0 

5 23985900 90 44 30 2,16E+09 … 0 1 0 1 2 0 

8 32487325 15 59 34 4,87E+08 … 1 1 0 1 0 1 

11 4,48E+08 3 177 177 1,35E+09 … 0 0 1 0 2 1 

12 69746200 1 44 15 69746200 … 0 1 0 1 3 0 

20 10019704 19 119 167 1,9E+08 … 0 1 0 1 3 0 

23 2,21E+08 12 74 61 2,65E+09 … 0 1 0 1 2 0 

26 66917240 4 44 18 2,68E+08 … 0 0 1 1 1 0 

37 4739293 77 59 59 3,65E+08 … 0 1 0 1 0 2 

41 1955579 11 45 36 21511369 … 0 1 0 1 1 0 

... ... ... ... ... ... ... ... ... ... ... ... ... 

1430 12857138 20 59 57 2,57E+08 … 0 1 0 1 2 0 

Link data: https://bit.ly/3sWPyRp 

https://bit.ly/3sWPyRp
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Lampiran 6 Tampilan data salah prediksi dalam confusion matrix model AdaBoost 

 Local 

Amount 

Jumlah 

Proyek 

Duration 

(Days) 

Masalaku nilai 

proyek 

per LoP 

... stok 

material 

tidak 

tersedia 

team 

tidak 

lengkap 

rapih tidak 

rapih 

data 

test 

data 

prediksi 

3 2,36E+08 1 44 15 2,36E+08 ... 0 1 0 1 3 0 

11 4,48E+08 3 177 177 1,35E+09 ... 0 0 1 0 2 3 

12 69746200 1 44 15 69746200 ... 0 1 0 1 3 0 

16 950400 110 44 41 1,05E+08 ... 0 1 0 1 2 0 

20 10019704 19 119 167 1,9E+08 ... 0 1 0 1 3 0 

24 1973804 1 29 43 1973804 ... 0 1 0 1 3 0 

26 66917240 4 44 18 2,68E+08 ... 0 0 1 1 1 2 

31 1973804 1 29 43 1973804 ... 0 1 0 1 3 0 

... ... ... ... ... ... ... ... ... ... ... ... ... 

1430 12857138 20 59 57 2,57E+08 ... 0 1 0 1 2 0 

Link data: https://bit.ly/49XldTy 

 

 

https://bit.ly/49XldTy
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Lampiran 7 Tampilan data salah prediksi dalam confusion matrix model gradient boosting 

 Local 

Amount 

Jumlah 

Proyek 

Duration 

(Days) 

Masalaku nilai 

proyek 

per LoP 

... stok 

material 

tidak 

tersedia 

team 

tidak 

lengkap 

rapih tidak 

rapih 

data 

test 

data 

prediksi 

3 2,36E+08 1 44 15 2,36E+08 ... 0 1 0 1 3 0 

12 69746200 1 44 15 69746200 ... 0 1 0 1 3 0 

16 950400 110 44 41 1,05E+08 ... 0 1 0 1 2 0 

26 66917240 4 44 18 2,68E+08 ... 0 0 1 1 1 0 

41 1955579 11 45 36 21511369 ... 0 1 0 1 1 0 

46 2,15E+08 32 140 49 6,87E+09 ... 0 1 0 1 0 2 

66 2017802 24 44 48 48427248 ... 0 1 0 1 1 3 

70 58746010 106 44 28 6,23E+09 ... 0 1 0 1 0 2 

78 14587660 106 44 28 1,55E+09 ... 0 1 0 1 3 0 

91 8070485 35 59 31 2,82E+08 ... 0 1 0 1 2 0 

... ... ... ... ... ... ... ... ... ... ... ... ... 

1430 12857138 20 59 57 2,57E+08 ... 0 1 0 1 2 0 

Link data: https://bit.ly/3GlM2TU 

https://bit.ly/3GlM2TU
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Lampiran 8 Tampilan data salah prediksi dalam confusion matrix model soft voting classifier 

 Jumlah 

Proyek 

Local 

Amount 

nilai 

proyek 

per 

LoP 

Duration 

(Days) 

Masalaku ... stok 

material 

tidak 

tersedia 

team 

tidak 

lengkap 

rapih tidak 

rapih 

data 

test 

data 

prediksi 

5 58667117 5 30 13 2,93E+08 ... 0 1 0 1 0 1 

11 1739750 124 44 7 2,16E+08 ... 0 1 0 1 1 0 

30 17790270 124 44 7 2,21E+09 ... 0 1 0 1 0 1 

40 11397691 10 109 90 1,14E+08 ... 0 1 0 1 3 1 

47 2,17E+08 1 59 69 2,17E+08 ... 0 1 0 1 3 0 

48 1955579 24 44 48 46933896 ... 0 1 0 1 1 3 

82 2,48E+08 1 99 84 2,48E+08 ... 0 1 0 1 3 0 

103 1656917 4 45 45 6627668 ... 0 0 1 0 1 3 

122 3290177 1 104 95 3290177 ... 0 1 0 1 0 3 

154 1,87E+08 4 59 9 7,47E+08 ... 1 1 0 0 2 1 

... ... ... ... ... ... ... ... ... ... ... ... ... 

1430 8279919 1 64 5 8279919 ... 1 1 0 1 2 1 

Link data: https://bit.ly/3N2E9q
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Lampiran 9 Tampilan website 

Halaman Login 

 

 

Halaman Registrasi 

 

 

Halaman Input Data 

 

Halaman Tampil Data 
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Halaman Hasil Prediksi 

 

 

Tampilan Hasil Klasifikasi dari Penilaian Mitra 

 

 

 

Tampilan Hasil Detail Mitra Baik Sekali 
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Tampilan Hasil Peringkat Mitra 

 

Link buku panduan penggunaan website: https://bit.ly/3QZ9kUn 

 

 

 

 

 

 

 

 

 

 

 

 

 

https://bit.ly/3QZ9kUn
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Lampiran 10 Codingan soft voting classifier dengan pembobotan firefly 

# Define three classification models 

xgb_clf = XGBClassifier() 

adaboost_clf = AdaBoostClassifier() 

gb_clf = GradientBoostingClassifier() 

# Train the models on the training data 

xgb_clf.fit(X_train, y_train) 

adaboost_clf.fit(X_train, y_train) 

gb_clf.fit(X_train, y_train) 

# Define the ensemble model for soft voting 

classifiers = [xgb_clf, adaboost_clf, gb_clf] 

# Function for soft voting with specified weights 

def soft_voting(classifiers, X, weights): 

    num_classes = len(np.unique(y)) 

    weighted_probabilities = np.zeros((len(X), num_classes)) 

    for i, clf in enumerate(classifiers): 

        probabilities = clf.predict_proba(X) 

        weighted_probabilities += probabilities * weights[i] 

    final_predictions = np.argmax(weighted_probabilities, 

axis=1) 

 return final_predictions 

# Objective function for the Firefly algorithm 

def objective_function_firefly(weights): 

    predictions = soft_voting(classifiers, X_test, weights) 

    return -accuracy_score(y_test, predictions)  # Invert 

accuracy for maximization 

# Customized Firefly algorithm parameters 

num_fireflies = 40 

max_generation_firefly = 230 

alpha = 0.35 

beta = 0.6 

# Lower and upper bounds for Firefly weights 

lower_bound_firefly = 0.0 

upper_bound_firefly = 1.0 

best_accuracy_firefly = 0.0 

best_weights_firefly = None 

# Perform optimization with the Firefly algorithm 

for _ in range(10): 

    initial_weights = np.random.uniform(lower_bound_firefly, 

upper_bound_firefly, len(classifiers)) 

    result_firefly = minimize(objective_function_firefly, 

initial_weights, method='Nelder-Mead', options={'maxiter': 

max_generation_firefly}) 

    if -result_firefly.fun > best_accuracy_firefly: 

        best_accuracy_firefly = -result_firefly.fun 

        best_weights_firefly = result_firefly.x 

# Normalize the weights so they sum to 1 

best_weights_firefly /= np.sum(best_weights_firefly) 

best_weights_firefly /= np.sum(best_weights_firefly) 

 

# Use the best weights for prediction 

final_predictions = soft_voting(classifiers, X_test, 

best_weights_firefly) 
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