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Lampiran 1 Sistem Pendeteksi Phising 

1. Link Google Drive Phising Tank Client 

https://drive.google.com/drive/folders/1h4NRuQyMwZoiIZHVeGSL-

3sQDH1RH5Ma?usp=sharing 

iste

 

2. Link Google Drive Phising Tank Server 

https://drive.google.com/drive/folders/1tZF7Hb33wCzs8bKURi9arhxUwLR873B

U?usp=sharing

 

https://drive.google.com/drive/folders/1h4NRuQyMwZoiIZHVeGSL-3sQDH1RH5Ma?usp=sharing
https://drive.google.com/drive/folders/1h4NRuQyMwZoiIZHVeGSL-3sQDH1RH5Ma?usp=sharing
https://drive.google.com/drive/folders/1tZF7Hb33wCzs8bKURi9arhxUwLR873BU?usp=sharing
https://drive.google.com/drive/folders/1tZF7Hb33wCzs8bKURi9arhxUwLR873BU?usp=sharing
https://drive.google.com/drive/folders/1tZF7Hb33wCzs8bKURi9arhxUwLR873BU?usp=sharing
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Lampiran 2 Kode Pengujian Sistem dengan Metode Decision Tree 

from google.colab import drive 

drive.mount('/content/drive') 

 

import pandas as pd 

from sklearn.tree import DecisionTreeClassifier 

from sklearn.model_selection import cross_val_predict, cross_val_score 

from sklearn.metrics import f1_score, precision_score, recall_score, 

confusion_matrix, classification_report 

from imblearn.over_sampling import SMOTE 

from sklearn.preprocessing import StandardScaler 

 

# Path file dataset di dalam My Drive 

file_path = '/content/drive/My Drive/LAMPIRAN 

PENELITIAN/dataset_phising.csv' 

 

# Memuat dataset 

df = pd.read_csv(file_path) 

 

# Tampilkan beberapa baris pertama dataset 

df.head() 

 

# Ubah label 'F' dan 'T' menjadi numerik 

df['Label Asli'] = df['Label Asli'].replace({'F': 0, 'S':0,'T': 1}) # Change 'data' to 

'df' 

 

# Jika ada kolom lain yang juga berisi label, ubah juga ke numerik 
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for column in df.columns: # Change 'data' to 'df' 

    if df[column].dtype == 'object': # Change 'data' to 'df' 

        df[column] = df[column].replace({'F': 0, 'S':0,'T': 1}) # Change 'data' to 'df' 

 

# Tampilkan data setelah diubah 

print(df.head()) # Change 'data' to 'df' 

# Definisikan fitur dan label 

X = df.drop(columns=['Label Asli','Website Link'])  # Pastikan untuk mengganti 

dengan nama kolom yang benar 

y = df['Label Asli'] 

 

# Gunakan SMOTE untuk oversampling jika data tidak seimbang 

 

smote = SMOTE() 

X_resampled, y_resampled = smote.fit_resample(X, y) 

 

# Normalisasi data fitur 

scaler = StandardScaler() 

X_resampled_scaled = scaler.fit_transform(X_resampled) 

 

# Buat model Decision Tree 

model = DecisionTreeClassifier(max_depth=3, min_samples_split=5, 

min_samples_leaf=5) 

 

# Gunakan cross-validation dengan 5 fold untuk mendapatkan prediksi 

y_pred = cross_val_predict(model, X_resampled_scaled, y_resampled, cv=5) 

 

# Hitung metrik evaluasi berdasarkan hasil cross-validation 



70 
 

 
 

f1 = f1_score(y_resampled, y_pred) 

precision = precision_score(y_resampled, y_pred) 

recall = recall_score(y_resampled, y_pred) 

conf_matrix = confusion_matrix(y_resampled, y_pred) 

class_report = classification_report(y_resampled, y_pred) 

 

# Tampilkan hasil dari cross-validation 

scores = cross_val_score(model, X_resampled_scaled, y_resampled, cv=5) 

print(f'Akurasi Rata-rata dari Cross-Validation: {scores.mean() * 100:.2f}%') 

print(f'Akurasi dari tiap fold: {scores}') 

 

# Tampilkan metrik evaluasi 

print(f'\nF1 Score: {f1:.2f}') 

print(f'Precision: {precision:.2f}') 

print(f'Recall: {recall:.2f}') 

print(f'Laporan Klasifikasi:\n{class_report}') 

 

# Import necessary libraries 

import matplotlib.pyplot as plt 

import seaborn as sns 

 

# Set up the matplotlib figure 

plt.figure(figsize=(6, 4)) 

 

# Plot the heatmap dengan desain berwarna 

sns.heatmap(conf_matrix, annot=True, fmt="d", cmap="Blues", cbar=True, 

annot_kws={"size": 16}) 
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# Add labels, title, and ticks 

plt.title('Confusion Matrix', fontsize=18) 

plt.xlabel('Predicted Label', fontsize=14) 

plt.ylabel('True Label', fontsize=14) 

plt.xticks([0.5, 1.5], ['F', 'T'], fontsize=12) 

plt.yticks([0.5, 1.5], ['F', 'T'], fontsize=12) 

 

# Show the plot 

plt.tight_layout() 

plt.show() 
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Lampiran 3. Surat Penugasan 
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Lampiran 4 Berita Acara Seminar Hasil 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



74 
 

 
 

Lampiran 5 Surat Izin Ujian Skripsi 
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Lampiran 6 Berita Acara Ujian Sidang 
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Lampiran 7 Log Book 
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Lampiran 8 Lembar Perbaikan Skripsi 
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