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LAMPIRAN 

 

Lampiran 1. Kode Program 

Source Code Model 

 Berikut merupakan source code yang digunakan pada pengimplementasian 

algoritma YOLO 

Import Library 

import random 

import zipfile,os 

from PIL import Image, ImageDraw 

import glob 

import numpy as np 

import matplotlib.pyplot as plt 

import shutil 

 

Directory Dataset 

local_zip = '/content/drive/MyDrive/skindiseasey.zip' 

zip_ref = zipfile.ZipFile(local_zip, 'r') 

zip_ref.extractall('/tmp') 

zip_ref.close() 

 

Inisiasi Directory Data train, test dan val 

root_dir = os.path.join('/tmp', 'labels') 

train_dir = os.path.join(root_dir , 'train') 

test_dir = os.path.join(root_dir , 'test') 

val_dir = os.path.join(root_dir , 'val') 

 

Mapping nama class 

class_name_to_id_mapping = {"Chikenpox": 0, 

                           "Measles": 1, 

                           "Monkeypox": 2, 

                           "Normal": 3} 
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Memisahkan file anotasi dan gambar 

annotations_train = [os.path.join(train_dir, x) for x in 

os.listdir(train_dir) if x[-3:] == "txt"] 

annotations_val = [os.path.join(val_dir, x) for x in 

os.listdir(val_dir) if x[-3:] == "txt"] 

annotations_test = [os.path.join(test_dir, x) for x in 

os.listdir(test_dir) if x[-3:] == "txt"] 

 

images_train = [os.path.join(train_dir, x) for x in 

os.listdir(train_dir) if '.jpg' in x.lower()] 

images_val = [os.path.join(val_dir, x) for x in 

os.listdir(val_dir) if '.jpg' in x.lower()] 

images_test = [os.path.join(test_dir, x) for x in 

os.listdir(test_dir) if '.jpg' in x.lower()] 

 

Mencoba anotasi pada gambar 

random.seed(88) 

 

class_id_to_name_mapping = 

dict(zip(class_name_to_id_mapping.values(), 

class_name_to_id_mapping.keys())) 

 

def plot_bounding_box(image, annotation_list): 

    annotations = np.array(annotation_list) 

    w, h = image.size 

     

    plotted_image = ImageDraw.Draw(image) 

 

    transformed_annotations = np.copy(annotations) 

    transformed_annotations[:,[1,3]] = annotations[:,[1,3]] * 

w 

    transformed_annotations[:,[2,4]] = annotations[:,[2,4]] * 

h  

     

    transformed_annotations[:,1] = 

transformed_annotations[:,1] - (transformed_annotations[:,3] / 

2) 

    transformed_annotations[:,2] = 

transformed_annotations[:,2] - (transformed_annotations[:,4] / 

2) 

    transformed_annotations[:,3] = 

transformed_annotations[:,1] + transformed_annotations[:,3] 
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    transformed_annotations[:,4] = 

transformed_annotations[:,2] + transformed_annotations[:,4] 

     

    for ann in transformed_annotations: 

        obj_cls, x0, y0, x1, y1 = ann 

        plotted_image.rectangle(((x0,y0), (x1,y1))) 

         

        plotted_image.text((x0, y0 - 10), 

class_id_to_name_mapping[(int(obj_cls))]) 

     

    plt.imshow(np.array(image)) 

    plt.show() 

 

# Get any random annotation file  

annotation_file = random.choice(annotations_train) 

with open(annotation_file, "r") as file: 

    annotation_list = file.read().split("\n")[:-1] 

    annotation_list = [x.split(" ") for x in annotation_list] 

    annotation_list = [[float(y) for y in x ] for x in 

annotation_list] 

 

#Get the corresponding image file 

image_file = annotation_file.replace("txt", "jpg") 

 

#Load the image 

image = Image.open(image_file) 

 

#Plot the Bounding Box 

plot_bounding_box(image, annotation_list) 

 

Membuat folder anotasi dan gambar 

!mkdir /tmp/labels/train/labels /tmp/labels/val/labels 

/tmp/labels/test/labels 

!mkdir /tmp/labels/train/images /tmp/labels/val/images 

/tmp/labels/test/images 
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Pindahkan file anotasi dan gambar ke dalam masing – masing folder 

def move_files_to_folder(list_of_files, destination_folder): 

    for f in list_of_files: 

      shutil.move(f, destination_folder) 

 

             

# Move the splits into their folders 

move_files_to_folder(images_train, '/tmp/labels/train/images') 

move_files_to_folder(images_val, '/tmp/labels/val/images') 

move_files_to_folder(images_test, '/tmp/labels/test/images') 

move_files_to_folder(annotations_train, 

'/tmp/labels/train/labels') 

move_files_to_folder(annotations_val, 

'/tmp/labels/val/labels') 

move_files_to_folder(annotations_test, 

'/tmp/labels/test/labels') 

 

Melakukan cloning di repository YOLO 

!git clone https://github.com/WongKinYiu/yolov7.git 

 

Menginstall requirements yang diperlukan di YOLO 

%cd /content/yolov7 

 

!pip install -qr requirements.txt 

 

Melakukan training pada model 

!python train.py --img 640 --cfg cfg/training/yolov7.yaml --

hyp hyp.scratch.custom.yaml --batch 4 --epochs 100 --data 

monkeypox.yaml --weights /content/drive/MyDrive/best.pt --

workers 8 --name yolo_monkey_det 

 

Melakukan testing pada model 

!python detect.py --source /tmp/labels/test/images/ --weights 

runs/train/yolo_monkey_det/weights/best.pt --conf 0.25 --name 

yolo_monkey_det 
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Source Code Mobile Apps 

Berikut source code mobile apps yang dapat diakses melalui qr-code  

 

 

 

 

 

 

 

 

 

 

 

 

 

 


